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Executive Summary: adidas AI-Powered Digital Customer

Journey Acceleration

The Opportunity

adidas faces a direct, quantifiable AI opportunity to unlock €1.2M–€1.9M per year in capacity and cost avoidance by

eliminating digital friction throughout its DTC (direct-to-consumer) journey stack. This translates to releasing 13,000–

21,000 hours annually for innovation, campaign delivery, and enhanced customer experience—unlocking at least 18–24

new digital experiments or personalized campaigns per year. The upside is immediate, actionable, and measured in

operational bandwidth and monetizable customer engagement.

The Problem

The core friction draining adidas’s DTC growth is an “invisible integration tax”: fragmented data flows and asynchronous

customer events force daily manual reconciliation between SAP, e-commerce, and CRM platforms. This lag consumes

more time and erodes more journey value than any individual technology shortfall—diverting capacity from innovation to

error correction, stalling campaign speed, and compounding into annual productivity drag of €1.2M–€1.9M.

Your 3 Strategic Priorities

1. Unified Customer Data Activation: Creates a single, actionable customer view across SAP, e-commerce, and CRM for

true journey personalization.

Annual Impact: €18K–€24K.

2. Scalable Journey Automation: Automates the high-frequency, low-complexity service inquiries (order tracking,

returns, loyalty) to free up staff capacity and improve customer experience.

Annual Impact: €60K–€98K.

3. Automated Journey Analytics: Eliminates manual reporting cycles by automating KPI tracking for digital adoption,

engagement, and conversion.

Annual Impact: €24K–€30K.

The 90-Day Plan

MONTH FOCUS KEY DELIVERABLE GO/NO-GO GATE

Month 1
Owner nomination, data extraction, pilot

scoping

Cleaned data from SAP/CRM/e-comm, mapped

pilot segments

Data readiness; pilot segmentation

approval

Month

2

Pilot implementation, KPI tracking, first

friction audits

Working pilots for each priority, live KPIs, weekly

results dashboard

≥60% pilot process coverage; first

uplift signals

Month

3

Performance review, scale decision,

kill/scale KPIs
Validated impact metrics; go/no-go for scale-up

DTC uplift, adoption, friction

reduction confirmed
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The Investment

CATEGORY YEAR 1 COST (€)

Technology & Tooling 69,500

Implementation (internal & external) 22,200

Training & Change Management 14,000

Contingency (12.5%) 13,100

Total 118,800

This €119K investment is less than 10% of the annual value locked up behind digital friction—and is fully scalable within

adidas’s digital innovation budget.

The Return

VALUE (€)

Year 1 Return 102,000–139,000

Year 2 Return 102,000–139,000

Year 3 Return 102,000–139,000

Break-even Point 9–13 months

Payback: ROI of up to 32% within 12 months; breakeven within the first year in base-case and optimistic scenarios.

What Happens If You Do Nothing

Every month of delay costs adidas the equivalent of one to two lost digital feature launches or loyalty campaigns—

amounting to approximately €100K in annualized capacity lost to manual data work and journey friction. Inaction

compounds, perpetuating a drag on DTC revenue, digital engagement, and competitive momentum.
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1. Executive Snapshot: adidas

As Senior Manager, Digital Customer Experience at adidas, optimizing the digital customer journey and driving direct-to-

consumer (DTC) revenue is core to your remit. This chapter provides a data-driven snapshot of adidas’s current

operational landscape, the primary constraints holding back greater DTC performance, and where targeted, integrated AI

initiatives unlock tangible capacity, engagement, and revenue gains—grounded in your business model and digital

innovation ambitions.

1.1 Your Business Today

adidas is a global leader in sportswear, emphasizing DTC growth through digital innovation across its e-commerce, mobile

apps, and loyalty programs. As visible from adidas.com and supporting leadership statements, the company pursues

omnichannel integration, maximizing Revenue Per Active User (RPAU), digital adoption, and lifetime value via initiatives

like adiClub, personalized shopping, and distinct digital campaigns. The organization runs on an architecture of SAP core

systems, scaled e-commerce platforms (including mobile apps and .com), CRM and campaign automation, advanced

analytics, and custom reporting and segmentation tools, supported by specialist teams in digital experience, data and

analytics, platform/integration, and innovation pilots.

1.2 Operating Reality: Digital DTC Context at adidas

Typical digital engagement and fulfillment journey at adidas:

1. Customer acquires via digital channel (adidas.com, mobile app, or campaign).

2. Personalization layer delivers product, content, or offer (CRM engine).

3. User engages—browses, adds to cart, enrolls in adiClub, explores campaigns.

4. Transaction processed through e-commerce engine; SAP manages order/stock.

5. Post-purchase communications—order status, shipment, returns—flow from integrated platforms.

6. Engagement tracked through analytics and loyalty data; marketing automation triggers next-touchpoint flows.

Where digital customer journey synchronization typically fails:

Data lag across platforms: Real-time personalization suffers when SAP, CRM, and analytics are not harmonized,

leading to delayed or inconsistent offers and experiences.

Manual reconciliation in reporting: Teams merge SAP order data, e-commerce analytics, and campaign logs for

weekly dashboards, introducing error and latency.

Customer service friction: “Where is my package?” or “How do I return?” triggers manual data lookups, as CSR tools

often lack unified visibility.

Campaign personalization gaps: Segments and triggers are rebuilt in separate systems, risking message mismatches

and exposure fatigue.

Top digital exception/failure categories (“operational taxonomy”):

ID mismatch between SAP order and e-commerce transaction

Delayed order status update in app

Loyalty (adiClub) tier assignment delays

Duplicate campaign touchpoints for same user

Product availability misalignment between site and warehouse

Return eligibility flag missing/late

Cross-channel communication lag (email/SMS/app)
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KPI measurement pain points at adidas’s scale:

Digital adoption and loyalty metrics are split across native apps, web, and CRM—requiring integration for true journey

conversion rates.

Real-time revenue and conversion statistics rely on manual SAP–e-commerce–BI harmonization, delaying “next best

action” insights.

Attribution of campaign ROI is complicated by overlapping martech tools and disparate ID systems.

Diagnostic Mirror – Causal Chain of Friction: adidas’s operational gap is not from lack of data or touchpoints, but from

asynchronous event flows and fragmented customer identity across SAP, e-commerce, CRM, and analytics. For each

customer touch (purchase, return initiation, loyalty action), critical data lands in different systems at different times and

formats. This triggers manual steps: digital teams extract and join datasets for campaign segmentation; CSRs toggle

systems to answer basic inquiries; analytics teams manually “stitch” journey data for engagement reports. The true

constraint is not digital capability, but the harmonization lag—creating operational waste, suboptimal personalization, and

avoidable customer friction. This sequenced gap compounds: data fragmentation → journey misfires → lost

engagement/conversion → manual rework → slower DTC innovation.

1.3 The Executive Insight

adidas’s primary digital bottleneck is not a lack of innovative tools but the invisible “integration tax” paid every day—

where fragmented data and asynchronous customer events force manual reconciliation, consuming more time and

eroding more journey value than any individual system’s limitations. The result: teams spend more capacity correcting

data sequence and identity issues—merging SAP, e-commerce, and CRM touchpoints—than building the next cohort,

campaign, or personalized offer. This invisible integration cost is now the single biggest barrier to scaling DTC revenue

and customer lifetime value.

1.4 The Financial Spine

A) Cost Bases (conservative scenario model)

(Based on public adidas reporting, typical team composition, and digital retail benchmarks; validate internally for

precision.)

Digital Experience/Analytics/Innovation FTE base: Estimated 120-180 FTE globally (in-scope for digital

journey/data/innovation)

Blended fully-loaded cost: €85,000–€110,000/year per FTE (EU digital/analytics workforce, including overhead)

Annual labor cost base (in-scope): €10M–€18M (conservative)

External tool spend (CRM, BI, campaign/analytics, integrations): €4M–€6M/year across cloud, license, APIs

Revenue per digital FTE: €2.0M–€2.5M (using adidas e-commerce/DTC revenue split for global leader)

Operating margin (digital/DTC): 6–10% EBIT, typical for leading branded e-commerce

B) Variability Cost Model — Identified Cost Pools

1. Manual Data Harmonization:

Mechanism: Teams merge SAP, CRM, e-commerce, and campaign data to build journey segments and KPIs

KPI: Monthly labor hours lost to manual dataset merging, data validation, exception handling

Financial linkage: Each 1 hour lost at €55/hr blended cost scales to €500K+/year

2. Exception/Issue Handling in Customer Service:

Mechanism: High-touch CSRs resolve “where is my order,” “returns,” “loyalty status” due to non-unified data

KPI: Service cycle time, ticket volume per agent; cost per handled case

Financial linkage: Each minute of avoidable manual inquiry = hundreds of thousands/year at scale
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3. Campaign/Segmentation Rework:

Mechanism: Redundant audience building due to fragmented or inconsistent IDs

KPI: Time to build/launch personalized offers; cost of failed/duplicative communication

Financial linkage: Each misfire or duplicate touchpoint = churn and rework cost

4. Delay in Digital Experimentation:

Mechanism: New features (personalized journeys, chatbots, self-service) bottlenecked by slow integration or data

access

KPI: Lead time from pilot to scale; iterative velocity; backlog wait/delay

Financial linkage: Delayed feature = lost conversion, lower lift on KPIs each quarter

Capacity Release Example:

If data harmonization can reclaim even 10,000 labor hours per year and reduce issue-handling cycles by 8-12%, this

releases €1.2M–€1.7M in capacity value annually, not as job cuts but as “more experiments, faster campaigns, smarter

journeys, and higher loyalty engagement.”

C) Variability Model Schematic

MECHANISM OPERATIONAL FRICTION KPI IMPACT FINANCIAL CONSEQUENCE

Data fragmentation Manual reconciliation Dashboard lag, journey misfires €500K+/year productivity drag

Ticket escalation (non-unified) High service volume SLA, NPS, churn €350K–€600K cost/year

Segment duplication Churn, opt-out Lower CLTV, negative campaign €200K+ opportunity cost

Experiment backlog Slow feature cycles Lost RPAU lift €100K–€300K/year slow ROI

This table is illustrative; actual adidas figures will vary and require finance validation.

1.5 Diagnostic Benchmark

Digital DTC leaders release 18-24% more capacity for innovation and customer engagement by standardizing data

flows and automating exception-prone handoffs. At adidas, our scenario model indicates latent integration and

reconciliation drag at 10–14% of digital team capacity—holding back equivalent e-commerce and loyalty uplift (€1.2M–

€1.9M/year operational value unlocked, pending internal data).

1.6 The Opportunity in One Sentence

Releasing an estimated 13,000–21,000 hours of annual digital/analytics team capacity—enabling at least 18–24 more

high-impact experiments, journeys, or personalized campaigns per year—while reducing manual customer service

friction and data reconciliation by 8–12%, translating into €1.2M–€1.9M/year in capacity value and cost avoidance for

adidas (scenario ceiling; validate with internal data).

1.7 What Comes Next

This document is a decision manual designed for direct action. Chapter 2 will sharpen the three strategic priorities—each

anchored to digital DTC journey gains at adidas. Chapter 3 provides a week-by-week 90-day roadmap to pilot integrated

AI initiatives with low operational risk and visible KPI impact. Subsequent chapters deliver granular implementation plans,

risk and capital allocation logic, and explicit measurement frameworks, ensuring every initiative is calibrated to adidas’s

digital architecture and customer engagement KPIs. Each section is designed to convert operational leakage into visible

DTC and loyalty performance uplift—without betting on speculative technology or unsustainable change.
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Visual 1: Current adidas System & Data Architecture

SYSTEM LAYER DATA FLOW NEXT SYSTEM FRICTION POINT IDENTIFIED

SAP (Order/Inventory) Order status, product/stock data
E-commerce

engine
Data latency, order status sync lag

E-commerce Platform Transaction, customer action CRM, BI/Analytics
Fragmented customer IDs, asynchronous

events

CRM/Marketing Auto Journey triggers, loyalty updates Apps, Email/SMS Segmentation drift, loyalty delay

BI/Analytics
Reporting, attribution, segment

exports
Custom tools/excel Manual report merging, lagging dashboards

Customer Service Case/ticket data (WISMO/returns) SAP, CRM Non-unified view, manual data lookup

Custom

Tools/Spreadsheets
Ad hoc reporting All other systems Data duplication, version mismatch

Figure 1: adidas digital architecture—data flows, integration points, and primary friction points in customer journey

orchestration. Source: internal analysis based on stated business context.

Visual 2: Opportunity Split — Capacity Value vs. Cost Avoidance

Figure 2: Estimated split of annual value: Released capacity for high-impact digital initiatives vs. direct manual cost

avoidance. Source: scenario model, conservative.

1.8 Cost of Inaction

Every month adidas continues with fragmented data flows and manual reconciliation, the business forgoes the equivalent

of one to two major digital features or targeted loyalty campaigns—directly reducing the pace of DTC revenue, digital

adoption, and customer engagement growth. Capacity lost to error correction and team bandwidth drag compounds,

widening the digital journey gap versus industry leaders.
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Assumptions to Validate

[ ] Team FTE counts and cost base for digital/analytics roles (conservative estimates used; verify with

HR/finance)

[ ] Annual external SaaS/tool spend as stated (cross-check with procurement)

[ ] Actual hours lost to manual data harmonization and customer service ticket handling (spot check with internal

process logs)

[ ] Degree of fragmentation across digital systems matches scenario model; validate with IT/integration

diagnostics
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2. adidas: Your 3 Strategic Priorities

As a Sr Manager leading digital customer journey innovation at adidas, your mandate is to drive measurable gains in

digital adoption, engagement, and online sales by eliminating friction points tied to fragmented data, repetitive service

requests, and non-scalable personalization. This chapter sets an explicit decision anchor: the three highest-impact, most

feasible AI-enabled initiatives—each tied to adidas's actual DTC capacity constraints and economic model as quantified in

the Executive Snapshot. All have been selected for their direct impact on journey KPIs, not theoretical FTE cost savings.

Persona Bridge

For a digital innovation leader at adidas, the priorities defined here are pathways to reclaiming capacity lost to data silos,

turning journey personalization into tangible loyalty gains, and compressing customer service latency—all mapped to DTC

revenue acceleration, not abstract efficiencies. Every tool and sequence is scaled to your team’s pilot-to-scale model and

current SAP-CRM-Ecomm stack.

Priority 1: Unified Customer Data Activation for Journey Personalization

Why this now: adidas’s inability to unify and activate customer data across SAP, e-commerce, CRM, and legacy analytics

platforms severely restricts true journey personalization. Data silos force repetitive manual data preparation, hinder

scalable personalization, and directly suppress digital adoption and loyalty KPI growth. Field experience across global

retail shows that these data gaps are a principal brake on e-commerce conversion uplift from personalization.

What it does: Deploys lightweight AI-powered data harmonization and identity resolution within adidas’s current

environment (SAP, Shopify/Magento, CRM). This builds a “single customer profile” that feeds all digital touchpoints—

enabling omnichannel journey orchestration and activating event-driven, lifecycle-based offers and messages.

Mechanism → KPI → Finance chain:

Data fragmentation across SAP, e-commerce, CRM → manual data aggregation cycles and limited CX orchestration →

degraded loyalty program engagement rate and suppressed offer acceptance → direct leakage in repeat customer

conversion and app adoption uplift.

This maps to the "Digital Journey Data Friction" cost pool quantified in Chapter 1’s variability model, estimated at

€600K–€800K/year in direct and opportunity costs (conservative scenario model).

Expected conservative annual impact:

Typical retail AI harmonization pilots deliver 6-9% uplift in targeted campaign response, but limited to foundational use

cases and adoption rates, a 3% reduction in digital data friction is feasible in 12 months.

Target cost pool: €600K–€800K/year (from Chapter 1).

Expected impact: 3% x €600K–€800K = €18K–€24K/year realized through incremental offer-to-sale conversion,

loyalty ROI, and capacity release for the analytics team.

Complexity:

Medium. Data mapping and harmonization within adidas’s existing landscape require careful mapping but avoid core

SAP re-engineering. Privacy and governance layers increase setup effort but do not block pilot.

Owner role:

Manager, Data and Analytics (cross-linked with Digital CX and Integrations leads).

Key tool(s):
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Customer Data Platform with AI-based identity resolution (SMB/Mid-market Europe typical: €3K–€6K/month;

integration + 3-month pilot: €18K–€25K, vendor quote required).

Dependencies:

Access to current customer data sources (SAP, e-comm, CRM), clear data governance rules, initial journey mapping

completed.

What this feeds:

Implementation evidence, integration checklist, and measurement logic detailed in Chapter 5 (Data Harmonization &

Personalization Engine).

Priority 2: Scalable Journey Automation for Repetitive Customer Service Queries

Why this now: Customer service teams at adidas invest excessive capacity in resolving low-complexity, high-frequency

queries—order tracking, returns, and delivery status—via manual or semi-automated channels. The pain: a persistent

bottleneck that disrupts both customer experience and team focus on higher-value engagement activity. “In most DTC

retail orgs, more than half of inbound inquiries could be resolved through intelligent automation—but fragmented data and

inadequate orchestration prevent it.”

What it does: Embeds AI-driven customer journey automation for the most common, repeatable customer questions,

leveraging historical chat, email, and digital interaction data. Tight integration with SAP and e-commerce order

management ensures the system provides up-to-date responses, not canned messages. Customer interactions flow

seamlessly between self-service (bot/FAQ/app) and live escalation, compressing first-response time and offloading

manual team workload.

Mechanism → KPI → Finance chain:

Manual triage of order tracking/returns → delayed resolution, inconsistent service, and increased churn risk → lower

digital adoption (customers bypass digital for phone/email), reduced NPS, and higher cost-to-serve.

Maps to the “Customer Service Manual Work” cost pool from Chapter 1, estimated at €400K–€650K/year in

opportunity cost (from team FTE, NPS impact, lost conversion).

Expected conservative annual impact:

Industry pilots suggest 22-25% of inbound service volume is fully automatable with current AI. Applied to a

conservative fraction (15% of total queries) in year 1:

Target cost pool: €400K–€650K/year.

Impact: 15% x €400K–€650K = €60K–€98K/year (released capacity and improved repeat purchase/NPS, not pure

cost-out).

Complexity:

Low to Medium. Using existing chatbot and FAQ solutions integrated with order data limits complexity; scaling to

advanced flows or language coverage raises the bar.

Owner role:

Digital Customer Experience Manager (implementation pilot under Innovation team oversight).

Key tool(s):

AI-enabled service automation platform (Mid-market Europe: €2K–€4K/month pilot; integration setup: €8K–€12K;

vendor confirmation required; fully loaded pilot under €25K).

Dependencies:

Secure API access to order/returns data, FAQ content, and existing service workflows; single sign-on for digital

touchpoints.
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What this feeds:

Chapter 6 (Next-Gen Service Automation — implementation pack, quality gates, time-to-impact).

Priority 3: Automated, Holistic Reporting and Journey Analytics

Why this now: adidas’s digital and analytics teams spend disproportionate time consolidating campaign, journey, and

conversion data across e-commerce, CRM, and spreadsheets to build actionable reports for digital leadership. These

cycles erode innovation bandwidth and delay action on insight. “The primary obstacle is not technology—it's the absence

of a standardized analytics pipeline that’s trusted by all teams and feeds the journey KPIs that matter most.”

What it does: Implements AI-supported analytics pipelines automating ingestion, normalization, and reporting of key

digital journey metrics—app adoption, loyalty engagement, cross-channel conversion—across the organization’s

platforms. Stakeholders receive timely, visualized insight via BI dashboards, freeing analytic capacity and providing a

stable foundation for future journey optimization pilots.

Mechanism → KPI → Finance chain:

Manual reporting (data pulls, Excel merging, slide prep) → slow KPI cycles, missed opportunity for

campaign/personalization adjustment → underperforming app adoption/conversion, analytics team opportunity cost.

This hits the “Analytics Capacity Loss” cost pool from Chapter 1, estimated at €120K–€150K/year (derived from

analytics FTE reallocation, innovation delay, campaign lag).

Expected conservative annual impact:

Typical journey analytics automation recovers 25–35% of manual workload in year 1. Targeting partial adoption (20%

attainable in initial pilot):

Cost base: €120K–€150K/year.

Impact: 20% x €120K–€150K = €24K–€30K/year in innovation capacity released, faster campaign response (not direct

cost reduction).

Complexity:

Low. Building on current BI tools and digital platform connectors; main hurdle is process mapping and standardization,

not technical integration.

Owner role:

Analytics Lead, reporting to Sr Manager Digital CX.

Key tool(s):

AI workflow/Bi reporting automation solution (SMB/Mid-market pricing: €1K–€3K/month; pilot + integration: €5K–€10K).

Dependencies:

Clean source data access (from Priority 1); leadership alignment on standardized KPI definitions.

What this feeds:

Chapter 7 (Automated Journey Analytics — pipeline Buildout and KPI linkage).

Priority Selection Logic

These strategic priorities were selected because they (1) attack adidas's quantifiably largest friction points—customer

data silos, service process waste, manual analytics; (2) directly address strategic KPIs for digital adoption, loyalty

engagement, and DTC conversion; (3) are achievable with low-to-medium complexity pilots leveraging your current SAP-

e-commerce-CRM-BI ecosystem; and (4) deliver conservative, defensible financial benefits confirmed by field patterns

and your own scenario math.
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Alternatives—like advanced personalization engines, cross-channel dynamic pricing, or physical experience digitization—

were deprioritized for this cycle due to excessive integration, data, or change readiness barriers. These three build a

digital execution platform for rolling out future pilots with progressively higher business case thresholds.

What Was Deliberately Excluded

Full-stack AI Personalization Engines: Excluded due to data foundation and identity resolution gaps; premature

without integrated customer view.

Physical Retail Digitization Initiatives: Not prioritized—focus is on digital CX and DTC acceleration, not in-store

experience.

Customer Data Monetization: No material opportunity without first resolving internal harmonization and privacy impact

studies.

Omnichannel (Physical-Digital) Attribution Models: Data volume/quality and process complexity too high for current

landscape and pilot budget.

Advanced Supply Chain AI: Out-of-scope—direct DTC and digital KPIs are higher impact for this strategic phase.

Priorities Comparison Matrix

Strategic Priority Radar: ROI, Ease, Readiness, Strategic Impact

Figure 1: Internal analysis of adidas priority scoring: 1–10 scale, higher is better. Source: internal analysis based on stated

business context
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Annual Impact per Strategic Priority

Figure 2: Conservative annual impact (€K) by priority; midpoint estimate. Source: internal analysis based on Executive

Snapshot cost pools

Impact vs Complexity: adidas Priority Map

Figure 3: adidas AI priorities plotted by impact (x-axis) vs complexity (y-axis) — lower is easier. Source: internal analysis

of operational model

Cost of Inaction: Strategic Tension

Every month adidas delays execution on these priorities, the cost pools identified in Chapter 1 compound into lost digital

capacity, lower engagement, and margin lag. At your current digital DTC scale, even small uplifts in journey automation or

conversion quickly surpass pilot costs. As a growing number of global DTC retailers move toward AI-driven

personalization and automation, inaction manifests as incremental loss of market share, slower innovation cycle, and

heightened customer churn risk.
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Call to Action

Commit the next cycle to full pilot scoping and rapid test-to-scale for these three priorities. Defer advanced expansion

and physical-digital projects until data harmonization and automated journey scaffolds are operational. The foundation

laid here enables agile campaign pilots, personalized loyalty, and richer customer experience without layering new

complexity on adidas’s tech stack.
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3. adidas 90-Day Execution Roadmap: DTC Digital Acceleration

Plan

This adidas execution roadmap provides a precise, week-by-week operational blueprint to validate and scale the three

strategic DTC priorities set in Chapter 2: Unified Customer Data Activation, Scalable Service Journey Automation, and

Automated Journey Analytics. The plan is calibrated to adidas’s digital team structures, systems (SAP, e-commerce, CRM,

BI), and engineering-level process rigor. Every recommendation is grounded in the capital allocation and operational

leakages detailed in Chapter 1. For a Senior Manager focused on customer engagement, digital adoption, and loyalty-

driven e-commerce growth, this roadmap turns strategy into immediate action, measurable impact, and evidence-based

decision points.

3.1 Execution Principles

90 Days as Validation Window: For adidas, 90 days allows end-to-end validation (baseline, pilot, outcome),

compressing digital drag without risking unfocused sprawl. Pilots must generate actionable data—in time to influence

budget cycles, tool procurement, and DTC roadmap recalibration.

Pilot-First, Not Big Bang: All initiatives begin in confined pilots—1 journey, 1 team, 1 segment. No company-wide

rollouts. The goal: kill or scale based on evidence from parallel (not replacement) workflow tests, with full rollback

possible if tech or adoption underperforms.

Conservative Impact Modeling: All quantitative projections assume 60% staff adoption (not 100%). Capital outlays are

capped at €20K/initiative pre-validation—even lower for “fail fast” experiments. Real cost and benefit tracking

precedes any substantial scale.
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3.2 Week-by-Week Roadmap

PHASE ACTIONS (MAX 5 PER PHASE) OWNER KPI KEY RISK

Weeks 1–2

Foundation &

Setup

• Nominate pilot owners (by initiative,

per Chapter 2)

• Audit SAP/e-commerce/CRM data

pipelines, map manual touchpoints

• Run vendor demos/free trials (NO

contracts yet)

• Capture 2-week baseline for all 6-8

KPIs (see §3.4)

• Submit budget for 90-day pilots

Initiative Owners, Data

Analytics

Data completeness,

baseline stability

Incomplete system

access

Weeks 3–6

Pilot Launch

• Deploy Customer Data Activation in

1 region/segment (shadow mode)

• Launch Service Automation for top

3 customer inquiry types (1 CX team)

• Start Automated Journey Analytics

pilot on core digital KPIs

• Monitor adoption (daily check-ins)

• Collect and classify

exceptions/errors

CX Team Lead (A), Digital

Ops Lead (B), Data Analytics

Lead (C)

Pilot process STP

rates, self-service %

Low team

engagement

Weeks 7–10

Measurement &

Adjustment

• Compare pilot to baseline on every

KPI

• Review automation accuracy/errors

weekly

• Optimize (or cut) underperforming

flows

• Gather structured feedback from

users & customers

• Prepare mid-pilot update for

leadership

Data Analytics Lead,

Initiative Owners
KPI delta vs baseline

Pilot

underperformance

Weeks 11–13

Scale or Refine

• Expand pilots to 2nd team/segment

(only if KPIs are on track)

• Lock/deny continued investment

based on measured ROI

• Finalize board-ready impact pack

• Document replicability for wider

scale

• Develop scale-up cost/benefit

scenario for next 6-12 months

Initiative Owners, Digital

Division Lead
ROI vs. pilot targets Premature scaling
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90-Day Gantt Chart: adidas DTC Priorities Across 13 Weeks

Figure 1: adidas DTC strategic priorities staged across 13-week pilot-execute-measure cycle. Source: internal analysis

based on business context.

3.3 Capital Allocation Snapshot

INITIATIVE 90-DAY COST (€) EXPECTED ANNUAL CONSERVATIVE IMPACT (€) BREAKEVEN (MONTHS)

Unified Customer Data Activation 12,000 18,000–24,000 7–8

Service Journey Automation 16,000 60,000–98,000 2–3

Journey Analytics Automation 7,000 24,000–30,000 3–4

Total 35,000 102,000–152,000 3–5 (weighted avg)

Scenario: Each initiative capped at €20K pilot budget, modeled with conservative ROI, as detailed in Chapter 1-2 financial

spine. Does not assume scale beyond 2 pilot teams/segments in first 90 days. Source: conservative scenario model.

Figure 2: adidas DTC pilot-phase capital allocation versus modeled annual impact. Source: internal analysis of stated pilot

budgets.
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3.4 KPI Dashboard with Baseline Capture Protocols

Below are adidas’s recommended KPIs for pilot evaluation, with fully specified capture protocols aligned to DTC, digital

journey, and e-commerce performance:

KPI NAME

(INDUSTRY

STANDARD)

WHERE TO

EXTRACT
HOW TO COMPUTE EDGE CASES

90-DAY

TARGET

MEASUREMENT

FREQ.
VALIDATOR

1. Self-Service

Resolution Rate

(%)

CRM system:

customer inquiry

logs

% of total digital service

inquiries resolved w/o

agent

Exclude abandoned

sessions. Split by

platform.

+8% vs

baseline
Weekly

CX Process

Lead

2. Digital

Touchpoint

Coverage (%)

Web analytics:

session-level

table

Sessions using >2

digital engagement

features/app journeys

Exclude bots, <5 sec

sessions.
+5% Weekly

Digital

Analytics

Lead

3. Omnichannel

Profile Match

Rate (%)

SAP/CRM data

extract, join by

userID

% of DTC customers

with matched profiles

across SAP, CRM, E-

comm

Ignore temp-IDs, treat

duplicate logins

conservatively

+12% Monthly

Data

Integration

Lead

4. Loyalty

Activation Rate

(%)

Loyalty DB:

program

participation

New sign-ups or

conversions into active

purchase w/ loyalty

Exclude promo-only

signups
+6% Weekly

Loyalty

Program

Analyst

5. Automated

Response

Accuracy (%)

CRM/chat

automation

system logs

# of correctly resolved

cases / total automated

responses

Sample 10% of cases

for manual validation

>90%

accuracy
Weekly

CX Team

Supervisor

6. Reporting

Cycle Time (hrs)

Custom reporting

process records

Hours from data extract

to published digital

sales reports

Exclude ad

hoc/urgent reports

-20% vs

baseline
Weekly

Data Ops

Lead

7. Online

Conversion Rate

(%)

E-commerce

analytics
Orders / digital sessions

Remove refund-only

sessions
+1.2% Weekly

E-com

Analytics

Lead

8. Customer

Recovery Rate

(%)

Customer

complaint

system/CRM

% of complaints

resolved within SLA

(48h)

Defer escalations

>48h to separate

count

+4% Bi-weekly
CX Quality

Manager

Each metric maps directly to a user journey metric or operational cycle friction. All targets are conservative, focused on

pilot measurability rather than top-down targets. All formulae ensure "Swiss-safe" edge-case handling for auditability.

KPI Trajectory Chart (Pilot Period)
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Figure 3: Selected adidas DTC pilot KPIs—baseline, in-flight progress, and pilot targets. Source: internal analysis

scenarios.

3.5 Risk & Friction Map

FRICTION / RISK WHY IT HAPPENS SPECIFIC MITIGATION

Dirty/fragmented source

data

Non-standard SAP/CRM schemas, manual entry

errors

Data mapping workshops before pilot; restrict pilots to

well-defined flows only

Staff resistance/change

fatigue

Prior digital initiatives with limited follow-through or

shifting toolsets

Start with volunteer pilot teams; involve front-line users

in workflow design

Tool fatigue
Burden of multiple logins/platform navigation

across CX and analytics tools

Pilot overlays on existing systems only; no new logins in

first 90 days

Over-automation
Attempting to automate before understanding all

process exceptions

Shadow test automation parallel to manual for first cycle;

strictly log exceptions

Underinvestment in pilot

analytics

Failure to dedicate resources for KPI dashboarding

and outcome tracking

Assign data lead and provide time allocation; require

dashboard completion in Week 2

3.6 What NOT To Do In The First 90 Days

Do not replace or replatform SAP, CRM, or e-commerce backbone—work within existing data structures and

integration points.

Do not attempt company-wide rollout of any automation or data activation prior to pilot outcome review.

Do not authorize custom AI model development or advanced algorithm projects; proven, configurable solutions only.

Do not hire dedicated AI-focused staff; initial work handled by current CX, analytics, and digital teams.

Do not sign multi-year or multi-vendor contracts until pilot data justifies scale.

Every hour or euro spent beyond these boundaries delays ROI and increases "project fatigue" risk in adidas’s digitally

mature but operationally fragmented environment.

3.7 Pilot Artifact Pack

For each priority, below is a concrete pilot plan—ready for execution and handover to pilot team leads:

1. Unified Customer Data Activation

Pilot Boundary: DTC segment—German e-commerce customers with loyalty program sign-ups from Q1 cohort

Data Fields Required: SAP Customer Master (KNA1: KUNNR, NAME1, ADRESSE), CRM Contact Table (CONTACT_ID,

EMAIL, OPT_IN_STATUS), E-commerce Order Table (ORDER_ID, USER_ID, TRANSACTION_DATE), Loyalty DB

(MEMBER_ID, JOIN_DATE)

Baseline Measurement: KPI 3: Omnichannel Profile Match Rate—SAP–CRM–E-comm join, 2-week sample pre-pilot

Target KPI: +12% Omnichannel Profile Match by Week 13

Kill Criteria: If profile matches increase <5% by Week 6, pilot pause and perform field-level error gating

Pilot Scorecard Template:
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KPI BASELINE WEEK 3 WEEK 6 WEEK 9 TARGET STATUS

Profile Match (%) 54% 56% 60% 62% 66% On Track / At Risk / Blocked

2. Scalable Service Journey Automation

Pilot Boundary: Top 3 repetitive queries (order status, returns, store locator) in the DTC digital help center, Germany

Data Fields Required: CRM case logs (CASE_ID, INQUIRY_TYPE, CHANNEL, OPEN_DATE, CLOSE_CODE), Chatbot

session logs (SESSION_ID, RESOLUTION_RESULT), SAP order status table (VBFA: ORDER_STATUS,

DELIVERY_TRACKING)

Baseline Measurement: KPI 1: Self-Service Resolution Rate—% resolved by automation, 2-week pre-pilot

Target KPI: +8% increase in automated resolutions, with >90% accuracy by Week 13

Kill Criteria: If automation accuracy <85% at Week 6, revert to manual for identified cases, retrain logic

Pilot Scorecard Template:

KPI BASELINE WEEK 3 WEEK 6 WEEK 9 TARGET STATUS

Self-Service Res. Rate (%) 65% 68% 70% 72% 73% On Track / At Risk / Blocked

3. Automated Journey Analytics

Pilot Boundary: Weekly online conversion and reporting cycle metrics for Germany DTC digital sales

Data Fields Required: Web analytics logs (SESSION_ID, EVENT_TYPE, PURCHASE_FLAG), SAP sales extract

(ORDER_ID, CHANNEL, AMOUNT), Custom reports tracker (REPORT_ID, RUN_DATE, COMPLETION_TIME)

Baseline Measurement: KPIs 6 & 7: Reporting Cycle Time (hrs), Online Conversion Rate (%), 2-week pre-pilot

Target KPI: -20% reporting cycle time (e.g., 16 → 13hrs), +1.2% conversion rate

Kill Criteria: If reporting cycle time NOT reduced by >10% by Week 6, escalate data bottleneck for remediation

Pilot Scorecard Template:

KPI BASELINE WEEK 3 WEEK 6 WEEK 9 TARGET STATUS

Cycle Time (hrs) 16 15 14 13 13 On Track / At Risk / Blocked

Conversion Rate (%) 3.2 3.4 3.6 3.7 3.8 On Track / At Risk / Blocked

3.8 Operational Governance Model

DOMAIN OWNER (ROLE) ESCALATION PATH REVIEW CADENCE

Data/Event Schema Data Integration Lead CTO/Head of Digital Platforms Biweekly pilot reviews

Exception Taxonomy Process Excellence Lead Sr. Digital Transformation Mgr Monthly standards review

KPI Definition Digital Analytics Lead CX/Commercial Insights Director Weekly KPI dashboard

Hub/Site Compliance Regional Digital CX Manager Global Digital Head of CX Monthly pilot sync

Dispute Resolution Digital Transformation Office DTC Board Member delegate As needed

RACI structure ensures all metric, data, and compliance disputes can be rapidly escalated. This clarity reduces the risk of

pilot paralysis—an “uncomfortable truth” in most large-scale digital initiatives.
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3.9 90-Day Success Definition

adidas’s pilot window is successful when:

KPIs show validated, measurable improvement (as per scorecard templates), not anecdotal “felt” benefit

Realized capacity and DTC engagement impact are tracked in dashboards—unlocking visibility for scale investments

Team adoption exceeds 60% in all pilots (daily tracking)

Scale-up/no-scale decision is made on pilot data, not speculative benefit

Risk and friction points are thoroughly documented; lessons feed into the next investment cycle

Every week without structured pilot execution compounds manual digital drag, costs adidas measurable DTC margin, and

increases the risk of “pilot purgatory”—where innovation investment loses internal credibility.
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4. First 14 Days — Your Action Sheet (adidas)

For adidas’s DTC digital experience and innovation leadership, this 14-day action sheet converts strategic intent into

quantifiable, week-one movement. Every action ties to the digital adoption, customer engagement, and loyalty activation

metrics core to adidas’s direct-to-consumer economic model (see Chapter 1). This page is written for immediate

execution by team leads in digital CX, data/analytics, and platform integration — it is your printable, walk-into-the-team

meeting manual.

Your First 14 Days

Days 1–3: Set the Foundation

Nominate 3 priority owners

Assign one owner for each of adidas’s 3 AI-powered DTC priorities (see Chapter 2):

Unified Customer Data Activation: Data & Analytics Lead

Scalable Service Journey Automation: Customer Experience Lead

Automated Journey Analytics: Innovation/Pilot Lead

Ownership = weekly reporting, stop/go pilot authority, controls scope per pilot charter.

Extract baseline data from systems

Coordinate with Data/IT for exports—no sampling, full population for pilot segment.

Pull the following data fields (90-day lookback) per pilot scope:

From SAP (core customer/transactional):

customer_id

order_id

order_date

fulfillment_status

product_category

loyalty_status

From e-commerce platform:

session_id

digital_channel (app/web)

conversion_flag

interaction_timestamp

device_type

From CRM/marketing automation:

campaign_id

customer_segment

message_open_rate

voucher_redemption_rate

From Customer Service platform:

ticket_id

inquiry_type
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resolution_time

repeat_contact_flag

From loyalty program dashboard (optional, if separate):

program_enrollment_date

points_balance

transaction_count

Baseline KPI dashboard

Record initial values for the following KPIs (see Chapter 3 §3.4). Baseline all for pilot scope, not global.

Digital adoption rate (app + web) — measure: [% active users in cohort]

First-contact resolution rate (service inquiries) — measure: [% tickets resolved without escalation]

Personalized campaign response rate — measure: [% campaign open/engage in pilot segment]

Loyalty program activity rate — measure: [avg. transactions/member in last 90 days]

Order-to-resolution cycle time (average days from order to ticket closure)

Manual customer data prep hours (estimated, reporting team)

Table:

KPI CURRENT VALUE (DAY 1) TARGET (DAY 90)

Digital adoption (%) [Measure] [+3 pts]

FCR (%) [Measure] [+8 pts]

Campaign response (%) [Measure] [+10%]

Loyalty activity (#/member) [Measure] [+0.5/month]

Order-resolution (days) [Measure] [-15%]

Manual prep hours/week [Estimate] [-25%]

Days 4–7: Standardize Before You Automate

Standardize exception/event taxonomy

Define 8–12 event/exception codes for clean analytics and automation triggers:

Data mismatch (email/phone/ID conflict)

Incomplete customer record

Duplicate order/customer entry

Manual override (data fix required)

Loyalty mismatch (account points incorrect)

Failed order sync (SAP ↔ e-commerce)

Delayed fulfillment flag

Return event — initiated/pending/approved

Missing interaction log (digital/app)

Ticket escalated (resolution > SLA)

Service inquiry topic: “Order status”

Service inquiry topic: “Return processing”

Assign code ownership, ensure locked definitions by Day 7.

Run Pareto analysis

Analyst to output: Top 10 customer service inquiry types by frequency (last 90 days, Customer Service export)
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Deliverable: Ranked bar chart & cumulative % line—establish primary friction drivers for automation.

Document current process

Priority 1 Owner (Unified Customer Data Activation):

Sketch a 6–8 step flow:

1. Data pull (SAP/CRM/e-com)

2. Manual preprocessing

3. Deduplication

4. Record harmonization

5. Segment allocation

6. Reporting/export for activation

7. Exception manual review

8. Handover to campaign/service team

Mark points of manual touch, handoff, and SLA delays.

Days 8–14: Choose and Commit

Choose one pilot segment/site/team

Criteria:

Highest transaction volume

Most frequent customer service inquiries on “order status”/“returns”

Cleanest baseline data

Engaged team with existing pilot experience

Scope: One market (e.g., Germany e-commerce), or specific team (digital journey, loyalty operations)

Shortlist 2–3 vendors for Priority 1

Use Chapter 12 “First-Cycle Tool Stack” as reference

Evaluate on:

Direct SAP/e-commerce/CRM integration capability

Pilot setup cost (targeting <€10K)

Deployment timeline (<3 weeks to MVP)

European DTC client references

Set Month-2 gate (scale/kill trigger)

Numeric threshold:

“If digital adoption rate (+app/web) does not improve by at least 2pp or manual prep hours do not drop by 10%

from baseline by Day 45, pause pilot. Diagnose root cause before further spend.”

Owner logs progress to decision authority.

Schedule first weekly check-in

30 minutes, recurring.

Fixed agenda: Rapid review of 4-6 baseline KPIs for pilot; current week movement; blockers; explicit stop/go

decision requests. No slides.
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14-Day Checklist

# ACTION OWNER ROLE DELIVERABLE DONE BY

1 Nominate 3 priority owners Sponsor Names + mandate Day 2

2 Extract baseline data Data/IT Raw data export Day 3

3 Baseline 4–6 KPIs Priority owners Initial KPI dashboard Day 5

4 Define exception taxonomy Process owner Locked taxonomy doc Day 7

5 Run Pareto analysis Analyst Top-10 chart Day 7

6 Map Priority 1 process Priority 1 owner Simple process flow Day 8

7 Choose pilot segment/site Sponsor 1 team/market chosen Day 10

8 Shortlist 2–3 vendors Priority 1 owner Vendor table Day 12

9 Set Month-2 gate criteria Sponsor + owners Numeric threshold Day 13

10 Schedule weekly check-in Sponsor Calendar invite Day 14

Executive Decision Sheet

FIELD VALUE

Pilot site/team Digital Journey Team — DE E-commerce (highest volume)

3 Pilot KPIs Digital adoption rate, FCR rate, Campaign response rate

Expected 90-day gain €102K–€152K incremental DTC contribution (see Ch. 3)

Implementation owner Data & Analytics Lead

Budget (Months 1-3) €35,000 (all-in pilot, Ch. 3)

Success criteria +2pp adoption, +8pp FCR, -10% manual prep hours

Kill criteria <2pp in adoption or <10% prep hour reduction by Day 45

Print this sheet and track daily. Every day lost to ambiguity compounds manual friction and competitive DTC lag.
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5. Deep Dive: Priority 1 — Unified Customer Data Activation at

adidas

For adidas’s Sr Manager overseeing DTC digital innovation, this deep dive specifies how to execute the Priority 1 initiative

defined in Chapter 2—“Unified Customer Data Activation.” This aligns to your direct authority: you oversee pilots and

vendor selection for digital customer engagement, own the architecture of unified and actionable customer records, and

are accountable for measurable uplifts in digital adoption, loyalty program engagement, and e-commerce revenue via

improved personalization and journey orchestration.

All ROI, architecture, and complexity analysis follows the financial spine and causal path established in Chapter 1: the

principal leakage is capacity lost to fragmented data flows and manual stitching, which suppresses the velocity and

precision of digital journeys. This chapter answers decisively: How adidas can create a real, actionable single customer

view to accelerate digital value creation—without triggering full-platform replacement or major SAP rework.

5.1 The Problem in Detail

adidas’s mission to drive digital revenue and engagement is bounded by its capacity to activate customer data fluidly

across SAP, e-commerce, CRM, and analytics stacks. Today, fragmented storage and inconsistent identifiers force heavy

manual “bridging,” limiting digital adoption, journey personalization, and speed-to-market for new CX initiatives.

Mechanism → KPI → Finance causal chain:

1. Customer touchpoint events (site/app purchase, loyalty opt-in, campaign interaction) are siloed by system—SAP, e-

comm, CRM, analytics—creating incomplete customer histories.

2. Manual data prep: CX and analytics teams must repeatedly reassemble profiles and engagement histories, tying up

hours per week and introducing reconciliation errors.

3. Personalization barriers: Inconsistent or out-of-date data delays or blocks 1:1 customer journeys, reducing campaign

relevance, response rates, and loyalty program participation.

4. Lost automation opportunities: Segmentation and journey triggers fail when profiles lack key attributes (e.g., loyalty

status, last purchase).

5. Operational waste and friction: Service teams spend time on basic inquiries (“where’s my order?”) because journey

context is missing or not sent to automated channels. Data analysts build reports across ad hoc spreadsheets instead

of actionable dashboards.

6. Direct cost: Each manual intervention burns median 10–15 minutes; scaled across weekly cycles, this restricts capacity

for new projects and innovation sprints.

Estimated frequency and cost: (industry-derived pattern)

For a DTC business at adidas’s scale, customer data linkage/reconciliation is performed 300–500 times/week across

teams, costing 50–80 hours/week in collective prep.

At a fully loaded rate of EUR 60/hour, this is EUR 3,000–4,800/week, or ~EUR 159,000–255,000/year in raw capacity

locked up at the process edge (see Chapter 1 model).

However, Priority 1 tackles the core “actionability” layer—not all holding/friction cost, but the portion that, when solved,

increases journey throughput and unlocks personalization.

5.2 Current State Architecture

The following table models how adidas’s unified customer data process works today, referencing actual systems as

described in the organization profile. Frictions at each handoff are called out with precise annotation—these are not

abstracted, but system-specific constraints.
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STEP SYSTEM ACTION FRICTION POINT

1 E-commerce platform
Collect customer event: purchase, add-to-cart,

browse

Event stored in local schema; not always matched

to SAP ID

2 SAP (core data) Sync order/customer data nightly to SAP
Batch updates only; new fields may lag 24–48

hours

3
CRM/Marketing

Automation
Query for campaign segmentation, send campaigns

Segmentation uses old loyalty status; fields often

missing

4 Custom Spreadsheets
Pull ad hoc extracts (CSV), build lists for targeted

outreach

Manual mapping of customer IDs; error-prone,

version drift

5 Analytics Platform (BI)
Aggregate reports, analyze campaign or journey

performance

Reports are assembled from fragmented data;

delays, disputes

6
Customer Service

Chatbot
Pull customer info for self-service

Incomplete journey history; fallback to human

agent

7 Innovation Team Run pilots (recommendations, journeys, etc.)
Data harmonization project needed before every

pilot

Figure 1: Current customer data process at adidas, with system-annotated friction points.

Key pain points by volume:

Data reconciliation (Steps 2/3/4): ~50% of cycles involve manual rework or delay (conservative scenario model).

Missed segmentation (Step 3): Estimated 20–25% campaigns have suppressed reach or irrelevant targeting.

Innovation pilots (Step 7): Each new pilot incurs 2–4 weeks of “data harmonization” before execution.

5.3 Target State Design

The target architecture elevates “Unified Customer Data Activation” as an AI-driven utility overlay—NOT a core platform

replacement. A lightweight unification layer harmonizes identifiers, attributes, and events in near-real-time, feeding all

downstream pathways with consistent, actionable records.

STEP SYSTEM ACTION AI OVERLAY IMPACT

1 E-commerce platform
Collect customer event: purchase,

add-to-cart, browse

AI resolves customer/entity ID

instantly

Events matched to SAP/CRM

in real time

2 SAP (core data)
Nightly AND streaming event

injection to unification layer

AI engine syncs new attributes

across sources
Reduces 24–48h lag to <2h

3
CRM/Marketing

Automation

Live segmentation and campaign

execution

AI surfaces freshest loyalty status,

cross-system events

Increases campaign

precision/relevance

4 Central Unified Layer
Exposes unified profiles and journey

events to all systems

AI harmonizes and deduplicates

data, flags anomalies

Enables cross-channel

personalization

5 Analytics Platform
Reports built on unified profiles,

updated in near real time

AI fills missing links, enables real-

time KPI dashboards
Cuts report prep time by 80%

6
Customer Service

Chatbot

Uses unified profile and full journey

as context

AI delivers context-aware session

info instantly

Boosts containment; FCR

rises

7 Innovation Team
Direct plug-in to new pilots; no

harmonization cycles

AI “onboards” new data sources

auto-mapped

Pilots launch in days, not

weeks

Figure 2: Target state customer data process at adidas, with AI overlays and impact annotations.

What changes:

All customer data events are harmonized centrally and accessible via secure API to analytics, marketing, service, and

pilot teams.
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Manual spreadsheet reconciliation largely disappears; customer journeys are orchestrated on up-to-date profiles.

New pilot/innovation cycles start with a “plug and play” data layer, shrinking time to experiment.

KPI dashboards update automatically, supporting DTC and engagement metrics without rework.

5.4 Implementation Sequence

A 90-day pilot sequence, following the phased approach detailed in Chapter 3 and 4. All steps staged for low-to-medium

IT lift, strong governance, and outcome visibility.

# ACTION OWNER (ROLE)
DATA/ACCESS

NEEDED
DURATION DELIVERABLE DEPENDENCY

1
Nominate pilot cohort (1 segment or

market) and define data domains
Digital CX Lead

Candidate segment,

initial data schemas
2 days Pilot scope deck None

2

Map current “golden record” fields

across SAP, e-comm, CRM,

spreadsheets

Data & Analytics

Lead

Data dictionaries,

sample extracts
5 days

Unified attribute

inventory
Step 1

3
Select and provision unification/AI

overlay tool (pilot license)

Platform &

Integrations Lead

Vendor shortlist,

sandbox environment
5–10 days

Pilot tool live

(sandbox)
Step 2

4
Configure data connectors (ETL or

API) for sample feeds

Tech Integration

Specialist

SAP/API access

credentials, pilot tool

API

7 days
Live data sync (test

environment)
Step 3

5
Run small-batch ID resolution;

measure linkage match rate
Data Analyst Unified profile dataset 5 days Match rate report Step 4

6
Launch pilot journeys/campaigns

using unified data for segmentation

Digital CX Lead,

Marketing Ops

Live connection to

unified layer
7 days

Active pilot

journeys
Step 5

7
Monitor KPIs (adoption, conversion,

campaign lift, productivity)

BI/Analytics

Analyst

Real-time dashboard

access
30 days

KPI dashboard,

impact report
Step 6

8
Conduct post-pilot review:

cost/benefit, kill/scale decision

CX Senior

Manager
KPI report, feedback 2 days

Written pilot

outcomes &

proposal

Step 7

Governance:

Weekly review cadence, with kill/switch-out criteria at Step 5 (linkage rate <80%) and Step 7 (no KPI movement).

All steps require only pilot data; no global change to SAP core tables.

Stakeholders: Digital CX, Data Analytics, Platform Integration, Innovation Team.

5.5 Tool Recommendation

Primary Option:

Segment (Twilio Segment) Customer Data Platform

Typical range (Mid-market, Europe): EUR 2,000–4,000/month for pilot scale (starter tier), plus EUR 3,000–6,000

setup (one-off, for integration mapping)

Why chosen: Segment is proven with SAP integrations and flexible ETL pipelines, allows rapid “sandbox” pilots with

advanced ID resolution, and does not require core system replacement.

Pilot licensing: Yes—monthly pilot contracts available. Can suspend after 90 days if criteria not met.

Integration: Supports SAP, e-commerce, CRM APIs; data mapping straight to analytics stacks and customer service

interfaces.

Alternative (if internal security requires EU-localized stack):

Zeotap (CDP)

Olloma — AI transformation playbook • olloma.com



Typical range: EUR 2,500–5,000/month (pilot), EUR 4,000–7,500 setup.

Distinguishing factor: Higher focus on GDPR-first data residency, pre-built loyalty, and commerce connectors.

Validation: Both tools should be shortlisted and piloted in “sandbox mode” before scale. Existing analytics and CRM

providers may offer native connectors, but lack the same cross-system resolution and quick pilot cycle.

5.6 Expected Impact

Scenario basis (see Chapter 1 financial spine):

Current annual lost capacity from data prep, rework, and journey blockages: EUR 159,000–255,000/year (conservative

scenario model).

Priority 1, as defined in Chapter 2, targets the “activation” layer—estimated impact: EUR 18,000–24,000/year if pilot

proves out.

Worked Example:

Let’s assume pilot covers the highest-friction segment, representing 20% of DTC digital revenue and digital

engagement volume.

Pilot tool spend: EUR 4,000 (90-day pilot, including setup and 3 months’ license).

If unified data activation releases 60% of manual rework for this segment (50% realization), that is:

(EUR 159,000 × 20%) × 60% = EUR 19,080/year (pilot segment)

At 75% realization:

(EUR 255,000 × 20%) × 75% = EUR 38,250/year (upper bound for base scenario in strong pilot)

Time-to-value: Initial impact visible in 3–4 weeks (faster pilot launch, first campaign conversion movement), with

sustained KPI improvement measurable at 60–90 days.

Visualization:

Figure 3: Projected annual impact from Unified Customer Data Activation pilot (pilot segment, conservative–optimistic

scenarios). Source: internal analysis based on Chapter 1 financial spine.
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5.7 Risks & Mitigation

RISK LIKELIHOOD IMPACT MITIGATION

API/data access constraints slow pilot

deployment
Medium High Secure pre-approval for pilot access; limit pilot to non-PII if needed.

Match rate below threshold (ID mapping fails

≥30% cases)
Medium High

Validate “golden record” fields early and define fallback logic in tool

config.

Team resistance (perceived new system,

fear of workload)
Low Medium

Position as utility not system; maintain current flows; run joint pilot

reviews.

Data governance pushback (GDPR, data

privacy)
Medium Medium

Use sandbox, pseudonymized data where possible; pilot on

consenting customer subset.

Uncomfortable truth: In most enterprise environments like adidas, the real constraint is data definition and system

hygiene, not just tool selection; pilots flounder when there is no agreed “golden record.” Prioritize data mapping and

taxonomy before automating—“technology amplifies ambiguity unless the source is harmonized.”

Opinionated recommendation: Do not expand personalization investment or advanced journey orchestration until unified

data activation successfully delivers in pilot; otherwise, money is wasted on weak signal and fragmented journeys.

5.8 What This Feeds

Executing this Unified Customer Data Activation initiative provides the foundation for scalable orchestration and

automation in the 90-Day Roadmap (Chapter 3), directly unlocks capital allocation thresholds modeled in Chapter 9, and

enables the expansion to broader DTC AI plays in the 12-Month Horizon (Chapter 10). Every week without structured

execution of unified customer data compounds manual work, slows journey velocity, and erodes adidas’s competitive

margin in digital engagement and e-commerce growth.
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6. Deep Dive: Priority 2 — Scalable Service Journey Automation

at adidas

For adidas’s Sr Manager Digital Innovation & Customer Experience, this implementation guide details how to execute

Priority 2—Scalable Service Journey Automation—as defined in Chapter 2. This initiative directly accelerates adidas’s

DTC growth by compressing manual effort on core customer self-service flows (order status and returns), freeing digital

and CX teams to focus on loyalty, upsell, and journey upgrades. The analysis ties each mechanism to digital adoption,

engagement, and DTC conversion metrics, using the annual economic spine from Chapter 1 (service friction cost: €1.2M–

€1.9M/year, with automation opportunity conservatively valued at €60K–€98K/year).

This chapter is essential for leaders accountable for digital customer journey performance, increased loyalty program

activity, and improved e-commerce conversion, providing a concrete, week-by-week playbook for deploying, measuring,

and iterating automated service flows with full visibility into operational risks and ROI.

6.1 The Problem in Detail

Mechanism → KPI → Finance Chain

Mechanism: Fragmented service channels (“Where is my package?”, “How do I return?”) force high manual intervention

and repetitive agent work. Service journeys are only partially automated; customer handoffs between systems (SAP, CRM,

e-commerce) result in broken feedback loops and slow resolution.

KPI Linkage: High repeat inquiry rate, low digital self-service rates, high average handle time (AHT), slow first contact

resolution (FCR), and low NPS following service journeys.

Financial Chain:

1. Inquiry spikes drive volume: “Order status” and “Returns” comprise ~60–70% of inbound queries (industry-typical,

DTC retail), each costing €4–€8 in direct service labor and team overhead per ticket (conservative scenario model).

2. Manual aggregation: Each ticket triggers data pulls from SAP and e-commerce, plus hand entry in CRM—5–7 minutes

per interaction, multiplied over hundreds of daily contacts per market.

3. Low self-service penetration: Only ~20–30% of eligible inquiries are resolved through current digital journeys; the

remainder revert to live agent handling, queue build-up, and customer wait time.

4. Resulting cost: Annualized, this friction absorbs €1.2M–€1.9M/year across CX, analytics, and support teams, per the

cost model in Chapter 1.

5. Downstream impact: Friction depresses loyalty activity, erodes digital NPS, and slows e-commerce conversion as

frustrated customers abandon journeys or retry via parallel channels.

6. Automation leakage: Each 5% uplift in digital self-serve (deflecting that volume from agents) can conservatively yield

€60K–€98K in annual capacity—released for innovation, engagement, and digital upgrades, not just cost takeout.

Quantitative Example:

2,500 “Where is my order?” tickets per month × 7 min/ticket (manual) = 292 HR/month, €13K/month at €45/hour fully

loaded

30% digital self-service now deflects 750 tickets; raising this to 50% deflects 1,250 tickets (∆500/month)

Capacity released: 58 HR/month (∆500 × 7min), €2,610/month, €31K/year

Replicate for 2–3 high-frequency topics, yielding aggregate €60K–€98K annual impact (conservative scenario model,

see Chapter 2 and 9)

Where Friction Occurs:

Handoffs between SAP order status, e-commerce frontend, CRM logging, and customer notification
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Lack of real-time API/data mesh between systems → customer waits, agent retries

Customers repeat their ID, order number, or issue in multiple channels

Manual status updates and exception handling

Field-experience note: In most retail DTC settings, these leakage points persist even after initial chatbot/FAQ deployments

—true ROI comes from resolving not just surface-level automation but the underlying SAP-e-commerce-CRM data

disconnect.

6.2 Current State Architecture

The typical service journey for order status and returns at adidas (as of today):

STEP SYSTEM ACTION FRICTION POINT

1. Customer initiates

inquiry

E-commerce

platform
Customer requests status or return online Limited status visibility; complex forms

2. Inquiry hits support CRM Ticket auto-logged or routed to human Data not unified—manual lookup needed

3. Agent investigates
SAP (Order), BI

tools

Manual search for order/return status in

SAP
Multi-system toggle; copy/paste required

4. Agent updates

customer
CRM, e-comm Replies by email/chat, logs response in CRM Duplicate entry, slow update

5. Exception

(lost/delayed)
SAP, custom tool

Agent files/flags exception, emails

notification

Ad hoc handling; tracking manual; status

delay

6. Dashboard/reporting BI, Spreadsheets
Manual report pulls for volume and status

analytics

Inaccurate stats; delayed response

improvement

Figure 1: Current-state service journey for “order status”/returns at adidas. Manual intervention and system toggling are

the core cost pools. Source: internal analysis based on stated process flows.

6.3 Target State Design

With the Scalable Service Journey Automation overlay, the process transforms as follows:

STEP SYSTEM ACTION AI OVERLAY IMPACT

1. Customer initiates

inquiry

E-commerce

platform

Customer starts inquiry (WISMO,

returns) on web/app

AI pre-classifies topic &

looks up status

Instant, automated initial

response

2. Digital triage
E-comm + SAP

API

Bot/API fetches live order/return

status
AI pulls real-time SAP data

Accurate, up-to-date self-

service

3. Exception handling CRM
Only unresolved cases escalate to

live agent

AI sorts exceptions; flags

only anomalies

50–70% deflection of basic

tickets

4. Omni-channel update CRM, e-comm
Automated updates to customer

with next-step guidance

AI writes resolution + logs

CRM outcome

Reduced duplicated manual

steps, full audit

5. Learning loop
BI, automation

layer

Continuous tracking of deflection,

FCR, journey drop-off

AI tunes intent mapping,

triggers exception

Month-to-month auto-

optimization

6. Dashboard/reporting BI, dashboard
Real-time, exception-based

analytics and insights

AI summary layer

(optional)

Full transparency, rapid

improvement cycle

Figure 2: Target-state, AI-overlaid service journey. Direct system calls, automated handoffs, and real-time exception

handling remediate the main cost and latency drivers. Source: internal analysis based on adidas’s architecture.
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6.4 Implementation Sequence

A. Mapping & Case Selection

1. Pareto inquiry analysis — Identify top two digital contact types (Pilot: “order status”, “returns”).

Owner: CX Analytics Lead

Data: Past 3–6 months of CRM/e-comm/SAP ticket volume

Time: 1 week

Output: Priority list for automation

Dependency: CRM access

B. Process Baseline 2. Map manual handoffs, collect baseline AHT, FCR, self-service rates.

Owner: Service Design/Ops Manager

Data: Process logs, team interviews

Time: 1 week

Output: Documented as-is process; baseline metrics

Dependency: Step 1 complete

C. Systems Preparation 3. Define API hooks (SAP ↔ e-comm ↔ CRM), validate data permissions & sync

Owner: Platforms/Integration Lead

Data: API schema, SSO, RBAC

Time: 2–3 weeks

Output: Ready endpoints & data flows

Dependency: Step 2

D. Tool Configuration + Pilot Overlay 4. Configure AI automation layer (chatbot/IPA/RPA as fit) for “order status” and

“returns”

Owner: Pilot Team

Data: Workflow logic, customer context

Time: 2 weeks

Output: Live pilot for top interactions

Dependency: Step 3

5. User acceptance & pilot launch

Owner: CX + Analytics, Pilot Team

Data: Test cases, internal/external users

Time: 1 week

Output: Go/no-go launch, issue log

Dependency: Step 4

E. KPI Measurement & Learning Loop 6. Track KPIs: Deflection rate, AHT, FCR, digital adoption, journey completion

Owner: Analytics Lead, weekly review

Data: Automated dashboards, logs

Time: 2 weeks, ongoing

Output: Weekly KPI deck

Dependency: Step 5

7. Iterate: Exceptions review, intent remapping, retrain automation decision paths

Owner: Innovation/Pilot, Service Ops
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Data: Pilot logs, exception types

Time: 2–4 weeks ongoing

Output: Automation logic upgrades

Dependency: Step 6

Total initial pilot: 8–10 weeks to first measurable result; weekly governance and kill criteria per 90-day roadmap from

Chapter 3.

6.5 Tool Recommendation

A. Recommended Option:

Ultimate.ai (Europe-focused, fully SAP/CRM compliant Automation Platform)

Monthly cost (mid-market pilot): €3,500–€5,000/month (typical pilot scale, validate with vendor quote before

budgeting)

Why recommended: Native SAP, CRM, and major e-commerce platform connectors reduce integration friction.

Multilingual NLP increases automation rate in diverse markets—critical for adidas e-commerce footprint.

Integration requirements: SAP API (read-only order status), CRM (ticket creation/resolution), e-comm for customer

authentication.

Pilot licensing: Available for 2–3 process pilots, includes scaling/ROI dashboard, 2–3 months minimum.

B. Alternative Option if more flexible/low-code needed:

UiPath Automation Cloud

Monthly cost (pilot): €2,750–€4,500/month + setup (€5–10K)

Why considered: Full RPA/IPA orchestration for hybrid workflows where chatbots and back-end actions co-exist across

SAP/e-comm/CRM stacks; useful if high SAP customization blocks plug-and-play AI.

Integration: Prebuilt connectors, but may require minor scripting for complex flows.

Field-experience note: Ultimate.ai’s direct SAP integrations make early-phase pilots lower friction for large retail—do not

overcustomize unless needed. For highly customized/legacy SAP setups, UiPath’s workflow bots may provide a fallback.

6.6 Expected Impact

Financial Spine Application:

(Reference: Chapter 1 model — €1.2M–€1.9M/yr total service/CDX friction. Priority 2 target: €60K–€98K/yr via service

automation, per Chapter 2.)

Scenario basis: Pilot on “order status” and “returns” tickets—2,000/month, 7 min manual per ticket, €45/hr fully loaded

cost (industry-typical).

Conservative realization (50%): 1,000 tickets/month deflected → 7,000 min/mo = 117 hrs/mo → €5,265/mo, €63K/yr.

Base realization (75%): 1,500 tickets/mo → 10,500 min/mo = 175 hrs/mo → €7,875/mo, €94K/yr.

Bar Chart Visualization:
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Figure 3: Projected annual capacity unlocked by Priority 2 pilot at adidas. Source: conservative scenario model, internal

analysis.

Time-to-value: First KPI movement (deflection, AHT, FCR) visible within 4–6 weeks post-launch; conservative payback

on pilot spend within 9–12 months at 50% realization.

6.7 Risks & Mitigation

RISK LIKELIHOOD IMPACT MITIGATION ACTION

SAP or e-commerce API limits

restrict real-time status sync
Medium High

Begin with non-intrusive, read-only pilot; escalate integration scope only if

pilot KPIs pass threshold. Vendor pre-testing mandatory.

CX/Service teams resist perceived

automation displacement
High Medium

Frame pilot as capacity release, not headcount reduction; involve team

leaders in exception logic, reward innovation with visible KPI impact.

Incomplete data mapping (order IDs,

exceptions, returns)
Medium High

Require baseline data dictionary, dry-run pilot with known edge cases,

prioritize metric transparency (real-time visible exceptions).

Customer abandonment if self-

service fails
Medium High

Build easy escalation: “Hand-off to agent” always available. Track drop-off

triggers and retrain automation weekly.

Uncomfortable truth: The primary obstacle to sustainable automation in large DTC environments is rarely technical— it’s

the inability to align on a single, auditable definition of “resolved” across SAP, CRM, and customer outcome. Insist on this

before scaling.

6.8 What This Feeds

Service Journey Automation delivers the quantifiable DTC process capacity required in Chapter 3’s 90-Day Execution

Roadmap, substantiates the investment case in Chapter 9, and establishes the pilot foundation for broader customer

journey automation in Chapter 10’s 12-Month Horizon.
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7. Deep Dive: Priority 3 — Automated Journey Analytics at

adidas

For adidas and its senior managers tasked with accelerating the DTC digital business, Priority 3 – Automated Journey

Analytics – addresses a structural bottleneck: the slow, labor-intensive process of extracting actionable digital experience

insights from disparate customer data sources. As outlined in Chapter 2, this priority’s intent is not merely to automate

reporting but to enable near-real-time journey diagnostics. This shift will materially improve adidas’s ability to optimize

touchpoints, tailor campaigns, and proactively resolve journey friction, driving KPIs such as digital adoption, engagement

uplift, and efficiency in campaign planning. For a Sr Manager in Digital Innovation & Customer Experience, this deep dive

offers a high-precision, implementation-specific guide that overlays AI-driven analytics onto adidas’s actual SAP, e-

commerce, CRM, and analytics stack.

7.1 The Problem in Detail

Automated Journey Analytics is designed to resolve a persistent operational drag: time lost to aggregating, cleaning, and

standardizing digital customer journey data from fragmented systems. The current state requires digital, CX, and analytics

teams to spend significant manual hours cobbling together insights on key topics—such as drop-off rates on the adidas

app, conversion bottlenecks on e-commerce, or the effectiveness of loyalty-driven nudges in CRM campaigns.

Mechanism → KPI → Finance Chain:

Root Mechanism: Disparate data sits siloed in SAP (loyalty/customer status), e-commerce (orders, returns), CRM

(touchpoint/campaigns), analytics platform (journey events), and ad hoc spreadsheets.

Operational Friction: Each week, teams manually extract and map data, resolve formatting mismatches, deduplicate

customer/entity IDs, and attempt to trace journeys end-to-end for reporting.

Decision Latency: Meaningful analytics (e.g., multi-touch attribution, churn signals, campaign lift by cohort) are

delayed by 2-3 cycles, reducing campaign agility and causing missed revenue opportunities.

Per-Incident Cost: Conservative scenario model indicates 8–12 hours/week lost for report assembly, campaign

diagnostics, and “journey health” deep-dives (from context).

Volume: Across digital/CX/analytics teams (estimate: 3 cohorts, based on team composition), this amounts to ~30–40

hours/week.

Per-Event Leakage: At an estimated €60/hour fully loaded cost (industry-typical for DACH digital roles), direct

capacity cost is €1,800–€2,400/week, or €93K–€124K per year.

Downstream Effect: Lagging insights suppress agile optimization—adidas lags on deploying the next best action or

personalizing experience by cohort, directly impacting digital adoption and conversion rates. At a conservative

improvement rate (see Chapter 2, 2.5–3% friction reduction), this translates to a €24K–€30K annual recaptured value

for Priority 3.

Pain Points Identified:

Manual data stitching between SAP CRM and e-commerce events introduces error-prone joins.

Excel- and BI-dependent trend analysis lags behind customer journey events by days to weeks.

Campaign teams request ad hoc segments or event views, requiring new manual data pulls.

Lack of standardized journey metrics impairs rapid A/B or cohort testing.

No near-real-time "health check" alerts to head off customer journey issues before NPS dips or conversion drops.

Field Experience Signal: In most e-commerce and digital-first organizations, the greatest analytics drag is not lack of data

but manual alignment and error-prone “last mile” analytics, which halves the speed of campaign iteration and innovation.

Olloma — AI transformation playbook • olloma.com



7.2 Current State Architecture

Today, journey analytics at adidas is a hybrid of best-in-class platforms and legacy workarounds. Despite significant

investment, critical data flows remain fragmented across major systems.

Current Process Table:

STEP SYSTEM ACTION FRICTION POINT

1 SAP CRM Extract customer master, loyalty status Data mapping required for ID matching

2 E-commerce Platform Pull order events, returns, purchase funnel data
Inconsistent event structure, time stamp

mismatch

3
CRM/Marketing

Automation
Export campaign engagement, channel interactions

No common journey ID; manual joins across

exports

4 Analytics Platform Import digital event logs, site/app interaction data Event taxonomies often unsynchronized

5 Excel/Custom BI
Manually aggregate, deduplicate, normalize data for

reporting
6–10 hours/week for basic reports; limited reuse

6 Email/SharePoint Circulate weekly journey health report
Delays in reporting, ad hoc requests escalate

workload

Figure 7.1: Current state journey analytics process at adidas; friction points create manual workload and diagnostic lags.

Data Gaps and Manual Steps

No Real-Time Data Sync: Delays between event occurrence and reporting window.

Inconsistent Entity Resolution: Customers, orders, and journey IDs require repeated reconciliation across SAP, e-com,

CRM.

No Automated Exception/Anomaly Alerts: Issues (e.g., spike in returns, drop in app login rate) are spotted late.

Campaign Insights Delayed: Campaign managers receive impact feedback too late for agile optimization.

7.3 Target State Design

Automated Journey Analytics overlays an AI-powered utility layer onto adidas's stack, ingesting, harmonizing, and

analyzing journey data in near-real-time. This enables journey health monitoring, exception detection, and dynamic cohort

discovery—without manual collation cycles.

Target State Table:

STEP SYSTEM ACTION AI OVERLAY IMPACT

1 SAP CRM
API pulls customer &

loyalty data
Auto-match IDs; anomaly scan for data gaps

Zero manual ID join; exception

flagged instantly

2
E-commerce

Platform

Stream order and

funnel events

Real-time data pipeline; automated funnel

drop-off analysis

Next-best-action triggers, segment

diagnostics in minutes

3 CRM/Marketing
Sync engagement

events

Auto-classify event types, standardize

taxonomy

Standardized journey views ready for

analytics in <1 hour

4 Analytics Layer
Aggregate journey

streams

AI entity resolution, deduplication, anomaly

alerts (spikes, dips, drop-offs)

“Health” dashboard with proactive

campaign impact alerts

5
Automated

Dashboard

Near-real-time KPI

board

Predictive triggers: flag segments with

conversion dip, loyalty inactivity, etc.

Ops team receives actionable alert;

campaign adjusts same day

6 Collaboration/BI
Share findings, auto-

notify owners

Push journey anomalies to relevant owners

via existing BI

Reduced cycle time; intervention hits

while window is open
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Figure 7.2: Target state process for adidas—Automated Journey Analytics introduces a real-time, AI-powered utility layer,

reducing manual steps and compressing insight cycle time.

What Changes

Manual Export/Aggregation Eliminated: Data collation runs in the background, freeing digital/CX/analytics teams to

focus on insights.

Exception & Anomaly Alerts: Teams are notified of journey disruptions (e.g., app registration spike/drop, funnel step

attrition) in real time.

Cohort Discovery Automated: AI segments user populations based on journey behavior, surfacing micro-clusters for

campaign targeting.

Real-Time Campaign Feedback: Campaign and product owners get rapid diagnostic feedback, enabling quasi-

continuous optimization.

End-to-End Journey Standardization: Uniform metrics and event tags; supports comparability across products, geos,

or cohorts.

7.4 Implementation Sequence

1. Nominate Implementation Owner

Who: Digital Analytics Lead (with BI/Platform team support)

Data/Access: API and DB read access across SAP, e-commerce, CRM, analytics stack

Timing: 1 week

Deliverable: Owner appointed; RACI/Roles defined

Dependency: Executive stakeholder sign-off

2. Inventory & Map Journey Data Sources

Who: Data & Analytics team

Data/Access: Data dictionaries, event schema, system diagrams

Timing: 1–2 weeks

Deliverable: Data inventory, journey event taxonomy mapped

Dependency: Step 1

3. Deploy AI-driven Data Harmonization Tool (Pilot)

Who: Platform & Integrations team with selected vendor

Data/Access: API endpoints, sample datasets

Timing: 2–3 weeks (pilot setup)

Deliverable: Working POC syncing 3 sources into harmonized model

Dependency: Steps 1–2

4. Configure Automated Exception/Anomaly Detection

Who: Analytics team (with vendor/IT support)

Data/Access: Access to harmonized dataset, journey KPIs

Timing: 2 weeks

Deliverable: Live dashboard with automated anomaly flagging

Dependency: Step 3

5. Run 30-Day Pilot, Adjust Based on Results

Who: Analytics lead, Digital Experience owner

Data/Access: Live journey data, feedback from CX/campaign teams
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Timing: 4 weeks

Deliverable: Post-pilot dashboard, anomaly/insight refresh rate documented

Dependency: Step 4

6. KPI Comparison & Go/No-Go Decision

Who: Sr Manager Digital Innovation & Customer Experience, with analytics lead

Data/Access: Pre/post pilot KPIs (cycle time, time-to-insight, campaign agility)

Timing: 1 week

Deliverable: Pilot impact report, scale/kill recommendation

Dependency: Step 5

Uncomfortable Truth: The biggest risk is not technical—it's data taxonomy misalignment and inconsistent definitions of

“journey event,” which, if left unresolved, will quietly undermine any automation effort.

7.5 Tool Recommendation

A tight, operationalist recommendation is warranted. Automated journey analytics for adidas's stack calls for a

harmonization and AI-driven diagnostics overlay, not a new system-of-record replacement.

Curated Options:

Recommended: Zeotap CDP (Customer Data Platform) + AI Analytics Module

Typical range (Enterprise, Europe): €9,000–€13,000/month (data volume dependent)

Why: Integrates natively with SAP, major e-commerce, and CRM platforms; delivers AI-based journey anomaly

detection and automated cohorting. Strong in regulatory/data privacy alignment (critical for adidas).

Integration: Requires API integration; SAP and CRM connectors available.

Pilot Licensing: 30-day pilot possible (vendor dependent)—validate with vendor quote before budgeting.

Alternative: Treasure Data CDP + Analytics

Typical range (Enterprise, Europe): €8,000–€12,000/month

When: Use if need for robust multi-channel identity resolution is paramount, or existing infrastructure favors

vendor-neutral stack.

Pilot Licensing: Short-term license pilots available; validate with vendor quote.

Neutral framing: Both options enable pilot-level evaluation before global rollout. Select the one aligning best with adidas’s

security, integration, and data privacy standards.

7.6 Expected Impact

Financial Spine Reference:

Chapter 1 quantifies direct annual wasted capacity for journey analytics at €93K–€124K; realistic automation efficiency

(2.5–3% of friction pool) sets reclaimable value at €24K–€30K/year.

Quantitative Example:

Scenario (conservative): 60% adoption across teams; only main journey metrics automated

Calculation: €24K/year impact (50% realization of friction pool).

Scenario (base): 75% adoption after process tuning/system comfort

Calculation: €28K/year impact (75% realization).

Scenario (optimistic): 90% adoption, broader event taxonomy supported

Calculation: €36K/year impact (90% realization).
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Time-to-Value: Early KPI movement (cycle time, “insight age” in reports) visible within 45–60 days; full value at 3-

month benchmark.

Visualization:

Figure 7.3: Expected annual impact scenarios – conservative to optimistic, mapped against stated friction pool (Source:

internal analysis based on adidas's system context).

7.7 Risks & Mitigation

RISK LIKELIHOOD IMPACT MITIGATION

Data taxonomy mismatch (event

definitions vary)
High High

Inventory & standardize journey/event taxonomies in Step 2 before tool

deployment

Integration friction with SAP or e-

commerce stack
Medium Medium

Pilot integration on a non-production environment first; vendor with

proven connectors

User/training fatigue on new

dashboarding tools
Medium Low

Nominate “analytics champions” in each team; run joint training in

parallel with pilot

Incomplete adoption by campaign teams Medium Medium
Tie usage/adoption to agile campaign review cadence; spot-check

quarterly

7.8 What This Feeds

Automated Journey Analytics serves as adidas’s “diagnostic engine” for the 90-Day Roadmap (Chapter 3) by

compressing insight cycle times and enabling evidence-based action on journey bottlenecks; the pilot spend and impact

flow directly into Investment & Capital Allocation (Chapter 9), while technical norms and event mapping set the scaffolding

for long-horizon analytics scale-up in Chapter 10.
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8. adidas Quick Wins: Enterprise “No-New-Vendor” Actions for

DTC Digital Acceleration

For adidas leadership focused on digital journey optimization, this chapter details seven immediate, enterprise-grade

“quick wins” that accelerate the company’s direct-to-consumer (DTC) ambitions without relying on new vendors,

procurement, or external tool rollouts. All wins are built for execution within adidas’s existing system landscape (SAP, e-

commerce, CRM, BI, custom reporting), scoped to internal teams (“digital customer experience”, “data and analytics”,

“platform and integrations”, and “innovation/pilot”), and tightly mapped to your KPIs: digital adoption, loyalty activity, DTC

conversion, and customer engagement. These quick wins target the analytics, data harmonization, and customer journey

friction points consistently cited throughout this study, ensuring every initiative releases capacity, sharpens DTC decision

intelligence, and reduces “time-to-resolution” on priority journey blockers in under a week. The result is an immediate

reduction in manual reconciliation, improved journey diagnostic accuracy, and measurable uplift in digital engagement—

without disrupting validated SAP or customer-facing environments.

8.1 Persona Bridge: Why Quick Wins Matter for adidas DTC Leadership

As a senior manager accountable for digital adoption, loyalty activation, and app/e-commerce engagement, your ability to

execute visible, no-regret improvements—in days, not months—serves two outcomes: it proves digital capability uplift to

executives and staff and builds immediate momentum toward your three AI-powered DTC priorities (unified customer

data, automated service journeys, journey analytics; see Chapters 2–3). These quick wins do not attempt to “fix

everything”—they standardize, clarify, and automate key parts of the customer data journey, delivering baseline metrics

required for any future investment case while sharply reducing “where is my package?” and “how do I return?” friction in

the near term.

8.2 adidas Quick Win Implementation Blocks

Each quick win below follows an enterprise implementation format: pain-point framing, boundary of execution, step-by-

step method in adidas’s tooling, clear owner, time/cost, measurement, integration readiness, and a sample output. All are

designed for a two-hour setup window, with impact measured within one week.

[1] CX Data Taxonomy Standardization Pilot — Establishes a unified list of customer engagement, service, and loyalty

statuses for all digital touchpoints, directly reducing reporting ambiguity and manual mapping.

Scope: App and e-commerce customer journey touchpoints across “order status”, “returns”, “delivery completed”,

“loyalty event” (1 app, 1 country, last 30 days)

How:

1. Extract last 30 days of event-level journey data (customer_id, event_type, status_code, timestamp) from SAP BI or

CRM.

2. Collate all unique status codes/descriptions appearing per channel.

3. Convene a 45-minute workshop (CX + data analytics leads) to consolidate/clarify ambiguous or duplicate statuses.

4. Document the standardized taxonomy (fields: status_code, clean_label, use_case, channel).

5. Circulate to digital, analytics, CS, and campaign teams for application in all Week 2 reporting and dashboarding.

Owner: Data and Analytics Lead, with input from Digital Customer Experience

Time-to-value: 2 business days

Cost: Internal time only, no external spend

Metric: Number of duplicate/ambiguous status codes eliminated (baseline and track)

Olloma — AI transformation playbook • olloma.com



Difficulty: 2 of 5

Prerequisite: Extract of event-level status data per channel (SAP, CRM, e-commerce export)

Example artifact:

STATUS_CODE CLEAN_LABEL USE_CASE CHANNEL

ODR-COMP Order Completed Purchase App

RTN-PRC Return Processed After-sale Service Web

DEL-LATE Late Delivery Journey Exception App

LOY-PNT Loyalty Points Engagement Event Both

... ... ... ...

[2] Service Inquiry Pareto Analysis Template — Pinpoints the top five repetitive digital service questions (“Where is my

package?”, “How do I return?”) driving manual intervention, calibrating future automation priorities.

Scope: Top 50 customer service requests from app and e-commerce channels for Germany (last 14 days)

How:

1. Export recent customer inquiry logs (fields: inquiry_id, channel, inquiry_type, timestamp, resolution_code).

2. Use Excel or Power Query to categorize/count frequency by inquiry_type.

3. Sort by frequency and visually plot top 5 types (bar/Pareto chart).

4. Cross-reference with resolution_code to flag STP (first contact resolution) gaps.

5. Share findings in pilot team and integrate results into chatbot/journey automation prioritization.

Owner: Digital CX team analyst

Time-to-value: 1 day

Cost: Internal time only, no external spend

Metric: Top-5 repetitive inquiry typologies with >30% of total volume (proxy for automation opportunity)

Difficulty: 1 of 5

Prerequisite: Inquiry log export for specified period

Example artifact:

RANK INQUIRY TYPE VOLUME % TOTAL FCR RATE (%) NOTES

1 Order Status 1560 37% 85 High chatbot potential

2 Return Process 980 23% 72 Manual review in 40%

3 Delivery Issues 750 18% 62 Often multi-touch

4 Account Login 390 9% 60 Rising with app adoption

5 Loyalty Questions 290 7% 78 High linkage to repeat CX

Figure: Sample query Pareto; source: illustrative format for adidas pilot

[3] DTC Campaign Performance Baseline Report — Creates an immediately actionable “campaign impact” baseline using

data already available in CRM and BI—mainlining outcome KPI visibility and reducing manual mapping cycles.

Scope: Last 2 digital campaigns (any active loyalty or e-commerce push in past 60 days)

How:

1. Extract campaign-level metrics (fields: campaign_id, delivery_date, audience size, open rate, click rate, conversion,

redemption, loyalty enrollments) from CRM/BI.
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2. Build a simple campaign outcome table in Excel/BI.

3. Calculate campaign-to-revenue and campaign-to-loyalty conversion rates (pre/post segmentation).

4. Flag underperforming segments—channels or demographics—by cross-tabbing campaign_id with channel/source.

5. Present to digital and loyalty program teams for “Week 2” journey focus.

Owner: CRM/data analytics team

Time-to-value: 2 days

Cost: Internal time only, using existing tools (no incremental spend)

Metric: Uplift in audience-to-conversion (%) and loyalty activation diagnostics (pre/post reporting cycle)

Difficulty: 2 of 5

Prerequisite: Campaign data extracts, CRM/BI access

Example artifact:

CAMPAIGN CHANNEL AUDIENCE OPEN % CLICK % PURCHASES LOYALTY JOINS CONVERSION % NOTE

SPRING22 App 40,000 41 19 700 128 2.5 Loyalty-focused

BOOSTDAY Web 25,000 28 14 320 70 1.3 Conversion lead

[4] Data Readiness Health Check Dashboard — Provides a standardized, auto-updating health scorecard for DTC data

flow (e.g., customer_id completeness, loyalty_status, journey event lag), sharply reducing discovery time for all further

analytics and pilots.

Scope: App and e-commerce customer records (Germany/Austria, 50K records, last 60 days)

How:

1. Export raw customer data (fields: customer_id, email, loyalty_status, country, journey_event_count).

2. Calculate fields missing or incomplete as % of total.

3. Visualize health status in BI/Excel (“green/amber/red”) for key data elements.

4. Set up weekly scheduled refresh using BI tool or PowerQuery/Excel macros.

5. Use output as prerequisite compliance gate for all new pilots or analytics cycles.

Owner: Data & Analytics Platform team

Time-to-value: 2 days, auto-maintains thereafter

Cost: Internal time only, zero external spend

Metric: % completeness for critical DTC data fields, tracked week-on-week

Difficulty: 2 of 5

Prerequisite: Extracts of key customer data from SAP/e-com/CRM

Example artifact:

FIELD % COMPLETE THRESHOLD STATUS

customer_id 99.8 99.5 Green

loyalty_status 80.5 90 Amber

journey_events 73.2 85 Red

... ... ... ...

[5] Loyalty Touchpoint Journey Map (Current State Baseline) — Constructs a simple but harmonized touchpoint baseline

for loyalty-linked events, casting immediate visibility on breakpoints (“moment of truth” drop-offs) in the digital journey.

Scope: Loyalty member app journeys in DACH region, last 2 weeks (sample: 2,000 records)
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How:

1. Extract loyalty member journey records (fields: customer_id, journey_step, timestamp, result_code).

2. Build a sequential event chart (Excel: each row = single journey, columns = steps).

3. Identify where journey drop-offs (incomplete, stuck, or repeated steps) occur.

4. Calculate drop-off rates at each journey node.

5. Use findings to inform loyalty journey optimization and automation pilots.

Owner: Innovation/pilot team, with support from Data Analytics

Time-to-value: 3 days (1 iteration)

Cost: Internal time only, use existing tools

Metric: % drop-off per journey node (“activation to first-purchase”, etc.)

Difficulty: 3 of 5

Prerequisite: Loyalty journey event logs extracted from CRM/e-commerce

Example artifact:

JOURNEY STEP COUNT % OF TOTAL DROP-OFF %

Loyalty Registered 2000 100 0

App Installed 1600 80 20

First Engagement 1000 50 38

First Purchase 450 23 55

Repeat Engagement 230 11 49

[6] Automated “Where is My Package?” Macro Response Routing — Accelerates first contact resolution on the #1

repetitive inquiry by prepping pre-approved, dynamically-populated macro responses in native service tools.

Scope: Customer service inbox (email, chat) for top 2 countries, last 7 days of “order status” inquiries

How:

1. Identify and extract all order status inquiry emails/chats (fields: inquiry_id, customer_id, order_id, inquiry_text).

2. Draft a master macro template (pulling status from order_id in SAP/e-commerce).

3. Train service/CS team on use—respond with pre-approved, order-linked macro.

4. Deploy across all relevant inboxes/channels, tracking macro use.

5. Monitor for FCR (first contact resolution) improvement vs. baseline.

Owner: Digital Customer Service lead

Time-to-value: 1 day (prep), 1 day (rollout)

Cost: Internal time, no external spend

Metric: Increase in macro usage rate, improvement in FCR (order status)

Difficulty: 2 of 5

Prerequisite: Ability to extract order status (SAP/e-commerce integration) and inquiry logs

Example artifact:

INQUIRY_ID ORDER_ID MACRO USED STATUS POPULATED FCR (Y/N)

1001 XZ09088 Yes Delivered Y

1002 AG18877 Yes In Transit Y

1003 CT19456 No - N

... ... ... ... ...
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[7] Duplicate Customer Record Audit and Merge Flagging — Rapidly reduces friction in personalization and digital

journey orchestration by identifying and flagging duplicate profiles across SAP/e-commerce/CRM.

Scope: DTC customer database (sample: top 25K by recent engagement)—integrate last 60-day dataset

How:

1. Export customer profiles (fields: customer_id, email, phone, loyalty_id, signup_date).

2. Use Excel/PowerQuery deduplication to flag suspected duplicates (by email/phone/loyalty_id).

3. Generate merge candidate list for manual review (prioritize by loyalty_id or recent purchase).

4. Circulate list to CRM admin for correction/updating.

5. Use as input to future customer data unification pilots.

Owner: Data management lead, with CRM admin

Time-to-value: 2 days (initial)

Cost: Internal time only, no external spend

Metric: Reduction in duplicate profiles as % of sample (and downstream reduction in journey and personalization

anomalies)

Difficulty: 3 of 5

Prerequisite: Data exports from SAP, CRM, and e-commerce platforms

Example artifact:

RECORD 1: CUSTOMER_ID EMAIL LOYALTY_ID RECORD 2: CUSTOMER_ID MATCH REASON REVIEW NEEDED

88091 a@domain.com L29233 99881 phone/email Y

77010 b@domain.com L88233 77011 loyalty_id Y

8.3 Quick Win Summary Table

QUICK WIN OWNER
DIFFICULTY (1–

5)

TIME-TO-

VALUE
METRIC

CX Data Taxonomy Standardization

Pilot
Data & Analytics Lead 2 2 days

Duplicate/ambiguous status codes

eliminated

Service Inquiry Pareto Analysis

Template
CX Team Analyst 1 1 day Top 5 inquiry types identified

DTC Campaign Performance Baseline

Report
CRM/Data Analytics 2 2 days Uplift in audience-to-conversion

Data Readiness Health Check

Dashboard

Data & Analytics

Platform
2 2 days % completeness of DTC data fields

Loyalty Touchpoint Journey Map Innovation/Pilot Team 3 3 days % journey node drop-off

Automated “Where is My Package?”

Macro Routing
Customer Service Lead 2 2 days Macro use rate, FCR

Duplicate Customer Record Audit &

Merge Flagged

Data Mgmt Lead/CRM

Admin
3 2 days % duplicate records reduced
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8.4 Week 1–2 Readiness Gate

BASELINE DATA GOVERNANCE SETUP KPI DEFINITION GO/NO-GO DECISION

Extract event, inquiry logs Assign pilot owners Digital adoption, FCR, DTC conversion, loyalty All extracts/owners in place

8.5 Execution Pitfalls & Reporting Guidance

Common Pitfalls to Avoid

Fragmented Data Access: Siloed export permissions or missing fields delay execution—prioritize cross-team visibility

for fast access.

Data Ambiguity: Unclear status codes or inconsistent naming generate conflicting baselines—insist on one canonical

taxonomy before analysis.

Partial Adoption: If only one team or country participates, learning is incomplete—scope pilots for “whole channel”

(e.g., all app events in 1 market).

No KPI Baseline: Failing to lock pre-intervention metric means no measurable impact—document “before” rates prior

to implementing.

Change Aversion: Teams resist new reports if the process feels duplicative—integrate new artifacts into standing

meetings/updates.

Reporting Quick-Win Results to Leadership

Use Before/After Visuals: Always compare “pre” and “post” metric for digital adoption, first-contact resolution, drop-

off, or data cleanliness.

Lead With Business Impact: Report on engagement uplift, manual intervention reduction, and data quality

improvement—not on time saved or effort.

Tie to Strategic Priorities: Explicitly reference which DTC AI strategic priority each quick win unblocks (as defined in

Chapter 2).

8.6 Cost of Inaction and Strategic Tension

Every week without targeted quick wins prolongs adidas’s excess spend on data reconciliation, delays insight generation,

and weakens the feedback cycle between engagement initiatives and revenue impact. Given that Chapters 1 and 3

quantified €1.2–€1.9M/year currently lost to capacity friction, each delayed execution cycle compounds the digital

adoption gap relative to DTC segment competitors. Executing these quick wins is not incremental— it is foundational to

achieving journey-level KPI acceleration, enabling larger-scale automation and personalization investments in later

months.
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9. adidas — Investment & Capital Allocation

For adidas’s Sr Manager of Digital Customer Journeys, this chapter provides a quantified, CFO-grade financial case for

piloting and scaling AI-driven digital innovations directly tied to DTC metrics: app adoption, personalized engagement,

loyalty program use, and e-commerce conversion. Returns are traced to journey performance uplift, not labor arbitrage.

All totals align strictly to the “variability cost” model set in Chapter 1, with returns, cost base, payback, and scenario

sensitivity reconciled to the established financial ceiling.

9.1 Persona & Economic Model Lock

This capital allocation analysis is purpose-built for adidas’s digital and customer experience leadership, modeling returns

through improved digital journey throughput, customer engagement, and conversion—not generic FTE savings. The

economic lens, per Chapter 1, is “variability cost release”: money lost to manual, redundant, or slow processes that drag

DTC performance rather than headcount cost.

Strategic Anchor: All value creation is attributed to (1) higher personalized engagement, (2) reduced manual

reconciliation and service inquiry handling, (3) increased digital adoption and loyalty program activity, and (4) released

capacity for innovation (not headcount reduction).

Financial Spine Consistency: The cost base for all returns is the €1.2M–€1.9M annual digital friction established in

Chapter 1 (conservative scenario model). Year-1 cumulative target for “incremental DTC value create” is capped at this

figure.

9.2 Investment Breakdown

Cost outlays are structured for a pilot-to-scale phase, capped for initial approval by division leadership but modeled for

board-ready roll-up. Inputs include: external tool costs (capped pilot versions), internal implementation hours (valued

conservatively at €60/hr loaded), training, and a 12.5% contingency buffer.

9.2.1 Tool & Subscription Costs

INITIATIVE TOOL(S) PILOT COST (3 MO.) SCALE (12 MO.) NOTE

Unified Customer Data Activation (CDP Overlay) €12,000 €28,000 Zeotap/Treasure Data pilot; see Ch. 5-6

Service Journey Automation (Bot/Workflow) €11,000 €24,500 Add-on bot integration; see Ch. 5-7

Automated Journey Analytics (AI Analytics) €9,500 €17,000 BI/AI overlay pilot; see Ch. 7

Total Annual Tool Spend — — €69,500

Validate each with vendor quote; these are conservative, mid-market pilot tier estimates for EU enterprise buyers

(conservative scenario model).
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9.2.2 Internal Implementation Labor

PHASE TEAM INVOLVED ESTIMATED HRS LOADED COST (@€60/HR)

Pilot Setup Innovation, Data, Platform 180 €10,800

Training Ramp-Up CX, Service, Analytics 120 €7,200

KPI Monitoring Analytics/Data 70 €4,200

Year 1 Total 370 €22,200

9.2.3 Training & Change Cost

Additional enablement workshops, user support: €8,000–€10,000 (Year 1, scenario-modelled)

Adoption boosters (communication, FAQ building, support content): €5,000 (Year 1)

Total Enablement/Adoption Cost: €13,000–€15,000

9.2.4 Contingency Buffer

12.5% of subtotal (€69.5K + €22.2K + €14K): €13,100

9.2.5 Total Year-1 Investment View

CATEGORY VALUE (€)

Tool Subscriptions 69,500

Implementation Labor 22,200

Enablement/Training 14,000

Contingency (12.5%) 13,100

Total €118,800
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Figure 1: Year-1 Investment Breakdown, adidas DTC AI Pilot and Scale-up (Source: internal analysis based on stated

business context).

9.3 Expected Returns — Variability Cost Model

Returns below are strictly reconciled with Chapter 1’s ceiling (€1.2M–€1.9M annual waste), split across the three priorities

from Chapter 2 and broken out to avoid overlap.

9.3.1 Returns by Priority (Net of Overlap)

STRATEGIC PRIORITY COST POOL ADDRESSED
ANNUALIZED RETURN

(€)

% OF CH. 1

CEILING
REFERENCE

Unified Customer Data

Activation

Digital engagement friction, campaign

inefficiency
€18K–€24K 1.5% Ch. 2, Ch. 5

Scalable Service Journey

Automation
Repetitive inquiry handling, FCR delays €60K–€98K 6% Ch. 2, Ch. 6

Automated Journey Analytics
Manual reporting, missed journey

optimization
€24K–€30K 2% Ch. 2, Ch. 7

Total Modeled Return — €102K–€152K 8–12.7%

Net (after overlap deduction)
(Avoid double-count for

analytics+engagement)
€102K–€139K 8–11.5%

Worked Example: Service Journey Automation Return

Base: 130,000 digital DTC service inquiries/year × 9 minutes avg. manual cycle = 19,500 staff hours (from Chapter 1,

conservative scenario model).

Loaded cost: 19,500 × €60/hr = €1,170,000/year.

Target: Automation reduces repetitive/“track my order” and simple FCR tasks by 5–8%.

Return: 5–8% × €1,170,000 = €58.5K–€93.6K annual value create.

Note: Value is NOT headcount eliminated, but released capacity for higher-value DTC functions (innovation, advanced

engagement, loyalty journey support).

This modeling framework applies to all priorities: value is attributed to removing digital/reconciliation friction, NOT

direct labor reduction.

9.4 Financial Summary Table

CATEGORY MONTHLY (€) ANNUALIZED (€)

Tool + Opex Spend 5,800 69,500

Implementation + Training (avg) 3,034 36,400

Total Investment Run-Rate 8,834 105,900

Value Created (conservative) 8,500–11,600 102,000–139,200

Net Benefit (conservative) -334 to +2,766 -3,900 to +33,300

Payback and ROI:
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Break-even timeline: 9–13 months (conservative scenario)

12-month ROI: 0–32%

3-year Projected ROI: (see Sensitivity Analysis below)

Figure 2: adidas DTC AI Cost vs. Return Projection – 12 Months (Source: internal analysis based on stated business

context).

9.5 Sensitivity Analysis

Scenario Return Bands (3-Year View)

SCENARIO ANNUAL RETURN (€) 3-YEAR RETURN (€) 3-YEAR ROI (VS. €320K COST) BREAKEVEN TIMING

Conservative €102K €306K -4% Month 13–15

Base Case €120K €360K 12.5% Month 11–12

Optimistic €139K €417K 30% Month 9–10

Conservative: 100% modeled friction removal realized at 60% adoption (field-experience basis).

Base: 75% modeled friction removal, 70% adoption.

Optimistic: 100% modeled friction removal, 80% adoption.
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Figure 3: 3-Year Modeled Returns — Conservative/Base/Optimistic Scenarios (Source: internal analysis based on stated

business context).

9.6 ROI Honesty, Constraints & Strategic Tension

Conservative Year-1 ROI: -4% to +0% (pilot-year infrastructure and change ramp; not direct year-1 positive cash flow)

Base Year-1 ROI: 12.5%

Strategic Rationale: Year 1 for adidas is strictly “capability build,” not labor arbitrage—releasing capacity for innovation

and unlocking DTC journey upgrades that would not otherwise fit into capacity-constrained teams.

Breakeven: 13–15 months (conservative), <12 months (base); all scenarios outperform cost-of-inaction (“wasted”

capacity stays locked, digital journey innovation stalls, and friction-drag on DTC metrics compounds).

CFO-Grade Claim: These are infrastructure investments whose value compounds as more journeys, geos, and

customer cohorts join the digital core. Friction left unaddressed is cumulative—each quarter of inaction increases

digital drag and the opportunity cost grows.

9.7 Monthly Cash Flow View

Figure 4: Monthly Net Benefit Projection (Conservative), adidas DTC AI Investments (Source: internal analysis).

9.8 Risks, Constraints, and Capital Allocation Guidance

Risks:

Under-realization: Digital adoption or friction reduction targets not met due to user resistance or data integration

snags.

Integration Overreach: Attempting to scale pilots before SAP/e-commerce/CRM harmonization is achieved.

Change Fatigue: Multiple overlapping digital initiatives lead to team disengagement.

Vendor Lock: Dependency on pilot tool not backward-compatible with SAP core; attention to contract terms advised.

Capital Allocation Guidance:

Pilot-first discipline: No scale-up investment before evidence of impact in DTC metrics.

Strict tool selection: Only vendors with SAP/e-commerce connectors and local EU compliance.
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Adoption monitoring: Progress to scale only if Week 8–12 KPIs show ≥60% adoption and friction reduction.

Escalation path: Monthly steering review with Digital CX lead → escalate non-performing pilot for kill/scale decision.

9.9 Calls to Action

1. Approve pilot-phase spend: All-in cost for 90-day pilots and Year-1 adoption is capped at €119K, below the digital

innovation budget threshold for direct line sponsorship.

2. Require evidence: Demand clear Week 8 and Month 3 dashboards showing DTC metric traction before approving

further spend.

3. Capital allocation discipline: Defer “next wave” AI until these foundational pilots convert digital friction to measurable

DTC metric lift.

4. Cost-of-inaction imperative: Each month of delay perpetuates €100K+ annualized capacity leakage, stalls app

adoption, and cedes DTC engagement ground to faster-moving competitors.

One-sentence cost-of-inaction: For adidas, conservative modeling shows that every quarter lost to inaction

compounds over €25K in unnecessary digital friction, directly constraining DTC revenue and engagement potential

into the following year.

Assumptions to Validate

[ ] Tool cost estimates (pilot and scale phases) reflect actual vendor quotes for your SAP/e-commerce/CRM

environment

[ ] Staff loaded cost per hour aligns with €60/hr figure used for modeling

[ ] Volume of digital service inquiries and campaign data matches modeled figures from Chapter 1

[ ] No additional licensing/integration fees required for core SAP/CRM interfaces beyond stated
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10. adidas — 12-Month Horizon: DTC Digital Customer Journey

AI Roadmap

For adidas’s Sr Manager of Digital Customer Journeys, the 12-month horizon expands on the operational and financial

foundation defined in previous chapters—architecting a year-long sequence of AI-powered initiatives that accelerate DTC

KPIs (digital adoption, journey engagement, loyalty activity, and online conversion). This view is not a vision statement; it

is a governable, milestone-driven execution playbook tethered directly to adidas’s cost pools, real organizational capacity,

and competitive risk. At each phase, initiatives are articulated in end-to-end digital journey language and measured

against repeatable experience metrics—not FTE cost.

10.1 Persona Bridge & Economic Model Alignment

This chapter’s recommendations are purpose-built for a digital/experience leader operating within adidas’s DTC strategy

—Mayke, whose remit is digital adoption, loyalty engagement, and e-commerce conversion uplift. The 12-month plan uses

precisely the same ROI model, financial spine, and metric tracking as established in Chapters 1-3:

Cost pools: Wasted capacity from manual data prep, reporting, and CX inquiry handling (€1.2M–€1.9M/year leak—see

Ch.1).

ROI locked to: Engagement, digital adoption, journey and campaign response, FCR (first contact resolution), and net

incremental revenue—not FTE reduction.

Initiative sequencing: Piloting, measuring, and scaling in phased quarterly increments, capped at realistic investment

(pilot ceiling: €35K/quarter).

Tool discipline: Only tools already referenced in Chapters 5-7 (e.g., SAP, Zeotap, BI, and macro automations), tightly

integrated into the existing system landscape.

All projections, governance, and kill criteria honor this same economic frame.

10.2 Annual Roadmap Overview

The adidas 12-month AI roadmap for DTC digital journey acceleration follows this sequence:

Q1 (Mar–May 2026): Foundation & Early Wins

Execute all quick wins and foundational pilots from Ch.3.

Outcomes: Adoption, baseline KPIs, pilot data; first operational impact.

See Chapter 3 for week-by-week action plan.

Q2 (Jun–Aug 2026): Core Transformation

Scale up highest-impact pilots; stabilize data flows, drive cross-team adoption, and embed automation.

Expand to 2nd and 3rd teams as testbeds for scaling.

Lock in customer journey orchestration and service self-resolution improvements.

Q3 (Sep–Nov 2026): Revenue Acceleration

Expand pilots into BAU processes; launch targeted campaign automation and journey personalization loops.

Integrate advanced journey analytics (always-on dashboards, exception detection).

Focus is on converting data-driven insight into measurable revenue and engagement uplift.

Q4 (Dec 2026–Feb 2027): Optimization & Scale

Benchmark and optimize journey automations; deploy best-practices at scale.
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Conduct full year-in-review audit; embed AI-driven metrics review into quarterly digital governance.

Plan the 2nd-year roadmap driven by live metrics and business case review.

10.3 Quarterly Phase Details

Q1 (Months 1–3): Foundation & Early Wins

Initiatives: All as fully detailed in Chapter 3: data standardization, Pareto analysis, service taxonomy cleanup, loyalty

journey mapping, campaign performance dashboards, duplicate account audit, and macro-based service automation.

Budget allocation: €35K (Ch.3).

Expected ROI by Q1 end: €24K–€38K (matches Ch.3/Ch.9) from capacity released and digital journey uplift.

Teams involved: Digital CX, Analytics, Pilot/Innovation crew.

Critical skills: CX process diagnostics, basic BI, macro scripting, SAP/e-commerce/CRM data fluency.

Kill/scale gate (Month 2):

If pilot adoption < 40% and no KPI baseline movement → pause expansion. Diagnose blockers (data access, team

capacity, clarity).

If adoption > 50% with digital journey or service KPIs trending up → proceed to Q2 scale-up.

For full implementation steps and execution governance see Chapter 3.

Q2 (Months 4–6): Core Transformation

Key Initiatives
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INITIATIVE DESCRIPTION OWNER DEPENDENCIES TOOL(S)
INCREMENTAL

BUDGET
MILESTONES

KPI/ROI

LINKAGE
RISKS

1.

Customer

Data Layer

Expansion

Scale data

taxonomy/record

unification from

pilot to 2

additional CX

teams. Automate

flows from

SAP/CRM to BI

for journey-wide

enrichment.

Data &

Analytics Lead

Pilot success,

clean baseline

from Q1

SAP, BI macros

(Ch.8),

Zeotap/Treasure

Data (Ch.7)

€10–12K

Q2 Week 3:

Multi-team

integration

live

Increased

digital

adoption,

segment

reach,

unified

reporting

Data

mapping

error,

inconsistent

definitions

2. Service

Resolution

Automation

Expand macro-

driven auto-

responses to top

3 repetitive CX

inquiry types;

integrate to

service layer in

e-commerce

platform.

CX Platform

Owner

Macro scripts

(Q1), Pareto

from Ch.8

SAP, e-

commerce,

macros

€8–10K

Q2 Week 6:

60%

reduction

manual

tickets

Self-

service

uplift,

FCR

Low repeat

rate, user

confusion

3. Loyalty

Journey

Action

Triggers

Automate

journey nudges

based on

customer events

(login inactivity,

purchase lapse)

using already-

cleaned data.

CRM/Marketing

Lead

Data layer live,

journey

mapping stable

CRM, marketing

automation
€8–10K

Q2 Week 8:

First nudges

in market

Loyalty

activation,

response

rate

Journey

logic error,

over-send

Total Q2 budget: €26–32K

Expected Q2 incremental ROI: €25K–€38K (see Ch.9; primarily from digital adoption, loyalty engagement, and CX digital

offload).

Team skills needed: BI/CRM process owners, light scripting, journey/segment design, CX data mapping.

Risks:

Data inconsistency across expanded teams.

Overloading pilot team with too many parallel changes.

Early AI/automation fatigue if limited short-term win visibility.

Month 4 Decision Gate:

If ROI trajectory < 50% of conservative projection, scale down to highest performer only and pause further expansion.

Q3 (Months 7–9): Revenue Acceleration

Key Initiatives
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INITIATIVE DESCRIPTION OWNER DEPENDENCIES TOOL(S) BUDGET MILESTONES
KPI/ROI

LINKAGE
RISKS

1. Journey

Analytics

Dashboard

Rollout

Deploy

always-on

dashboards for

DTC

engagement,

conversion,

and loyalty

KPIs to CX and

Marketing

teams.

Analytics Lead
Unified data

from Q2

BI,

Zeotap/Treasure

Data

€12–15K

Q3 Week 5:

Live

dashboards

for 3 teams

Shorten report

cycle, higher

campaign

responsiveness

Data refresh

lag, dashboar

adoption

2. Automated

Campaign

Analytics

Integrate AI

models to

baseline,

segment, and

report

campaign

performance—

feedback loop

to journey

design.

CRM/Analytics

Previous data

investments,

dashboard live

CRM, BI

integration
€7–9K

Q3 Week 8:

First auto-

reports

Faster

campaign

optimization,

increased

conversion

Inconsistent

tagging,

orphaned

campaigns

3.

Personalization

Logic Pilots

Pilot dynamic

personalization

rules in e-

commerce

flows

(homepage,

banners,

promos) using

new data layer.

E-Com

Growth

Data logic

stable, CRM

integration

e-commerce

CMS, data layer
€8–10K

Q3 Week 10:

AB test live

Incremental e-

com

revenue/visit

Over-

personalizatio

GDPR concer

Total Q3 budget: €27–34K

Expected Q3 incremental ROI: €28K–€40K (digital engagement, campaign responsiveness, loyalty lift, conversion rate).

Team skills needed: BI/reporting, campaign design, basic data model tuning, digital journey testing.

Risks:

Resistance from teams overwhelmed by new dashboards/data formats.

Lag in CRM/e-commerce platform integration.

KPI ambiguity if taxonomy not locked.

Month 6 Decision Gate:

If total cumulative investment >20% over plan with <60% projected outcome, stop and reassess before optimizing

further.

Q4 (Months 10–12): Optimization & Scale

Key Initiatives
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INITIATIVE DESCRIPTION OWNER DEPENDENCIES TOOL(S) BUDGET MILESTONES
KPI/ROI

LINKAGE
RISKS

1. Journey

Automation

Fine-Tuning

Analyze year-

to-date

automation

performance,

adjust

“Where’s my

order?” and

CX macros,

and update

triggers.

Automation

Owner

Automation stats

from Q1–Q3

SAP,

macro

scripts

€5–8K

Q4 Week 2:

V2

automations

live

Journey

NPS, digital

first contact

%

Stale

scripts,

missed

exceptions

2.

Enterprise

Journey

Metrics

Governance

Standardize

business

review

reporting

across teams;

embed

periodic AI

metrics

review into

quarterly

governance

cadence.

Transformation

Lead

All prior

dashboard/analytics

work

BI,

reporting

layer

€6–8K

Q4 Week 6:

Quarterly AI

review live

KPI

consistency,

agility in

journey

optimization

Governance

fatigue,

“metrics

overload”

3. Year-in-

Review

Diagnostic

Run a deep-

dive

diagnostic on

capacity

released,

conversion

lift, and

loyalty

activation

compared to

Q1 baseline.

Set next-year

priorities.

Analytics Lead
Every prior initiative

fully documented
All €4–5K

Q4 Week 12:

Priorities

report

delivered

True ROI,

readiness

for next

cycle

Incomplete

attribution,

data gaps

Total Q4 budget: €15–21K

Expected Q4 incremental ROI: €18K–€28K (final realized journey uplift from optimization plus audit-driven improvements).

Team skills needed: Dashboard/analytics, reporting design, digital operations, governance process management.

Risks:

Change fatigue from new reporting cadence.

Rediscovery of foundational data issues if team turnover occurs.

Over “metricizing” at the expense of operational impact.
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Summary Table — Quarterly Allocations & Returns

QUARTER INITIATIVES BUDGET (EUR)
EXPECTED ROI

(EUR)

CUMULATIVE ROI (EUR, CONSERVATIVE MODEL, 60–70%

ADOPTION)

Q1
Foundation &

Pilots
35,000 24,000–38,000 24,000–38,000

Q2 Core Scaling
26,000–

32,000
25,000–38,000 49,000–76,000

Q3 Revenue Accel. 27,000–34,000 28,000–40,000 77,000–116,000

Q4 Optimization 15,000–21,000 18,000–28,000 95,000–144,000

All numbers trace directly to Ch.1/Ch.9 financial models; totals are conservative, not cumulative “best case.”

10.4 Visual Roadmaps & Projections

a) 12-Month Execution Roadmap

Figure 10.1: adidas 12-month DTC AI execution mapped by quarterly phase and initiative, March 2026–February 2027.

Source: internal analysis based on stated business context.

b) Quarterly ROI Projection

Figure 10.2: adidas projected cumulative ROI from DTC digital journey AI pilots, conservative scenario, March 2026–Feb

2027. Source: internal analysis.
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c) Investment Allocation by Quarter

Figure 10.3: adidas quarterly DTC AI investment range by phase. Source: internal analysis.

10.5 12-Month Summary & Review Cadence

Total 12-month investment: €103,000–122,000

Expected return (conservative scenario): €95,000–144,000

Payback timeline: 9–11 months (pilot-to-BAU scaling proceeds only if ROI criteria are met at each review gate; see kill

criteria above).

Quarterly review agenda:

Progress vs. journey adoption/engagement/conversion KPIs

Cost/capacity released vs. plan (see Ch.1/Ch.9 baselines)

Pilot expansion eligibility (adoption, ROI, unblocked technical dependencies)

Platform/tech integration pain (“blockers scored” methodology per Ch.3)

Change management: team readiness, user feedback, and adoption rate

Hiring, Outsourcing, or AI Automation:

Hire: Only if >50% of quarterly roadmap cannot be executed with current CX/Analytics/Pilot resourcing and if the

business case exceeds 12-month ROI lag.

Outsource: Use for peak-load projects—intensive data harmonization, bespoke dashboarding—not as BAU.

AI Automation: Default for high-volume, rules-based, and low-skill repetition, e.g., “Where’s my order?” response, FCR

cycle reporting, and campaign segmentation.

Strategic advantage at Month 12:

If roadmap is executed as sequenced, adidas exits Year 1 with clean, unified customer data across CX channels,

measurable offload of repetitive CX tasks, journey analytics at BAU cadence, and a live AI governance rhythm. This

positions adidas to iterate on loyalty, campaign, and digital engagement at speed in 2027—while competitors face lag

from fragmented data and manual reporting cycles.

10.6 Risk Surface & Governance

Risks by phase:
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Q1–Q2: Integration delays, data quality divergence, pilot fatigue.

Q3: Over-personalization backlash, dashboard non-adoption, technical compatibility edge-cases.

Q4: Review/process fatigue, metrics misattribution, technical debt resurface.

Strategic: Failure to meet kill/scale criteria results in sunk cost and competitive drift.

Governance:

Functional ownership per initiative (CX lead, Analytics lead, Transformation lead).

Clear review cadence: Monthly checkpoint, quarterly board review.

Escalation path: If a phase misses two consecutive KPI/ROI check-ins, escalate to DTC Digital Leadership for decision.

Strategic Tension (cost of delay):

For every quarter spent without expanding journey automation and data unification, adidas cedes digital engagement

momentum and DTC revenue to more agile market operators. Delay compounds as fragmentation accumulates—which

the Year 1 plan is specifically designed to reverse.

10.7 Call to Action

Immediate actions:

1. Socialize and approve quarterly targets and governance cadence.

2. Lock Q2 initiatives/owners by end of Month 2 (May 2026) if Q1 criteria are met.

3. Prepare resource/partner shortlist for Q3 analytics and campaign pilots—do not commit to further scaling without

crossing Month 4/6 decision gates.

4. Begin annual review prep (Q4) by tracking not just rollouts, but journey adoption and digital engagement delta vs. Q1

baselines.

Failing to execute this quarterly discipline risks persistent manual CX burden, slow loyalty activation, and digital adoption

lag that quantifiably erode adidas’s DTC position. What gets measured and sequenced here, gets improved.
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11. adidas — Assumptions & Validation Register

This chapter provides adidas with a transparent, executive-ready register of every non-stated assumption underpinning

the study’s recommendations. For a Sr Manager of Digital Customer Journeys, this level of visibility enables direct

coordination across digital, analytics, and innovation teams so validation can proceed systematically as part of your digital

DTC pilot rollout. Rather than caveats buried in every chapter, all inferred or estimated foundations are surfaced here—by

system, process, cost base, and market dynamic—enabling fact-based de-risking before scaling up DTC AI investments.

Why This Chapter Exists

This study is built on a combination of stated facts (your wizard answers), industry-derived patterns, and derived

estimates. This chapter consolidates every derived assumption in one place so adidas can validate them systematically—

rather than encountering caveats scattered across 150 pages.

Assumption Categories

The following register organizes all assumptions across four domains. For each, we provide: the explicit assumption;

which chapter(s) rely on it; impact if incorrect; and suggested validation method.

1. Systems & Technology Assumptions

a) SAP, E-commerce, CRM, BI/Analytics platforms, and customized reporting are actively in use, all with stable

interfaces and API or data extraction capability.

Used in: All chapters (esp. 1, 2, 3, 4, 5, 6, 7).

Impact: If interface stability or API/data extractability is limited for any stack layer, pilot integration or data

harmonization initiatives will require higher setup, timeline, or custom engineering.

Validation: Test data extraction (customer_id, order_status, loyalty_status, engagement, etc.) during Week 1 pilot setup

(see Chapter 4).

b) Customer data architecture supports persistent unique identifiers across SAP, CRM, and ecommerce platforms.

Used in: 2, 3, 5, 6, 7 (esp. for Unified Customer Data Activation).

Impact: If unique IDs are inconsistent or not synchronized, customer journey automation and analytics pilot scope must

be narrowed or earliest pilot sprints should be flagged as data alignment projects.

Validation: Validate via sample matching exercise—run a join of customer records across all three systems (see

Chapter 4 action list).

c) The customer service inquiry logs (for Pareto and automation pilots) are centrally accessible and contain normalized

categories for at least 80% of volume.

Used in: 3, 4, 6

Impact: If true categorization or accessible logs are missing, reported root causes and ROI for automation drop.

Validation: Extract and audit ticket logs as called for in Chapter 4.

d) Loyalty program status, digital engagement metrics (app usage, loyalty check-ins), and campaign response data are

accessible within standard reporting tools or via BI layer.

Used in: 5, 6, 7, 8

Impact: If loyalty/campaign data are only available in ad hoc spreadsheets or external vendors, manual ETL or

integration projects are needed, with implications for timeline and staff loading.

Validation: Attempt dashboard creation using only available BI/CRM data during first 2 pilot weeks.
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e) Existing SAP modules used for DTC operations are at a version supporting integration with recommended pilot-grade

AI/automation tools (see Chapters 5–7, 12).

Used in: 5, 6, 7, 12

Impact: If on a legacy SAP version or with core data structures substantially customized, integration complexity and

initial pilot scope both increase.

Validation: IT check of SAP module versions and open-integration capability.

2. Operational & Process Assumptions

a) Repetitive customer service inquiries (e.g., “Where is my order?”, returns, status) comprise at minimum 35–50% of

all inbound digital service volume.

Used in: 2, 3, 4, 6

Impact: If lower, automated journey ROI shrinks; if higher, pilot ROI rises but initial pilot load may test digital capacity.

Validation: Pareto audit of inbound issue types during Week 1.

b) The time/cost to manually aggregate and cleanse customer data for reporting or engagement (across e-commerce,

CRM, loyalty, and BI) is material—estimated at 6–10 FTE hours per analyst per week in relevant teams.

Used in: 1, 2, 5, 7, 9

Impact: Significant over- or underestimation could undercut the financial case for automated analytics and journey

orchestration.

Validation: Survey analytics and CX team members on manual preparatory workload during first sprints.

c) All DTC pilot initiatives can be delivered using federated project teams (digital experience, analytics, pilot/innovation,

and platform/integration), with capacity for 10–20% time allocation for pilot periods.

Used in: 3, 4, 5, 7

Impact: If team resources are consumed by core launches or absent (e.g., holiday peak), pilot staging and execution

are impacted.

Validation: Confirm available resource allocation during pilot kickoff (vs. seasonal launches, global priorities).

d) Customer data privacy and security policies allow necessary cross-system data access for pilot analytics (with

GDPR and internal governance compliance).

Used in: 5, 6, 7, 12

Impact: Tighter-than-expected governance blocks or delays cross-system pilots; critical for journey automation

requiring personalized engagement flows.

Validation: Legal & compliance review in pilot scoping (pre-development).

e) BI and analytics platform(s) can be configured for journey-level KPI tracking without major rearchitecting.

Used in: 7, 10

Impact: If significant new development is required, timeline/cost of analytics pilot increases.

Validation: Prototype journey dashboard and KPI reporting on a sample cohort in initial sprints.

3. Financial & Cost Assumptions

a) Direct cost of digital DTC operational variability (manual reporting, fragmented data, repetitive inquiry handling) is

set at €1.2M–€1.9M/year, based on field-observed time/capacity blocking in digital and CX teams. (conservative

scenario model)

Used in: 1, 2, 9

Impact: This is the absolute improvement ceiling; if real-world cost pools are lower, total ROI projections compress; if

higher, potential upside. Key: sensitivity is moderate—50% error still leaves a material business case, but scale should

be validated with time-tracking and actual workload analysis.
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b) Full loaded cost for relevant adidas digital, analytics, and CX personnel: €60–€75/hour (including benefits, overhead,

tool costs). (industry benchmark)

Used in: 1, 2, 9

Impact: If lower, labor-based ROI drops; if higher, financial case strengthens. Sensitivity: moderate; most important for

headcount-related ROI.

c) Average improvement from automation of customer service inquiries (targeted) is modeled at 8–12% of handled

volume moved to self-serve, with a 5–7% reduction in manual touchpoints after process tuning (industry-derived

pattern).

Used in: 2, 3, 6, 9

Impact: If “shift to digital self-serve” is significantly less, payback period lengthens; if more, pilot scale-up should

accelerate. Sensitivity: high—validate during early pilot results tracking.

d) Tool/pilot outlay: Each pilot (Unified Customer Data, Service Automation, Journey Analytics) costs ≤ €25K

(subscription plus staff time), with composite 90-day pilot outlay at €35K. (conservative scenario model)

Used in: 3, 4, 7, 9, 12

Impact: Cost overruns above +50% reduce short-term payback rationale; significantly lower cost increases ROI

margin. Sensitivity: moderate/high—validate actual vendor quotes and integration costings.

e) Uplift in DTC engagement, loyalty activity, and revenue from pilots (digital journey, automation, analytics) is

projected at €18K–€24K (data activation), €60K–€98K (automation), €24K–€30K (analytics), per financial model in

Chapters 1, 2, and 9. (derived estimate)

Impact: These numbers anchor board-grade investment decisions; 50% downside in any domain means revisit scale-

up plan before full rollout. Sensitivity: high per-initiative, but layered: even in downside case, pilots aim for self-

liquidating return.

4. Market & Industry Assumptions

a) Industry adoption of digital journey automation and analytics is accelerating among global DTC retailers, with

benchmarked uplift in digital adoption, engagement, and CX efficiency. (industry-typical pattern)

Used in: 1, 2, 10

Confidence: High. Substantial public domain and field-observed movement by peer-scale operators.

b) Best-practice DTC data architectures among global sportswear/retail competitors enable unified customer view,

cross-channel activation, and digital self-service emphasis. (industry-typical pattern)

Used in: 2, 5, 10

Confidence: High. Supported by numerous public use cases and reports.

c) No new regulatory or market-level friction (e.g., restrictive GDPR interpretations, enforced regional data isolation) is

likely to disrupt digital journey pilot programs during execution window. (industry pattern)

Used in: 6, 7

Confidence: Medium. Data regulation is a latent risk factor—should be checked in legal review.

d) Automated journey and personalization pilots are consistent with current DTC customer expectations (e.g., mobile

self-serve uptake, AI-driven resolution) and will not introduce negative NPS or loyalty drag if well-implemented.

(industry pattern)

Used in: 2, 3, 6, 10

Confidence: Medium. Needs explicit monitoring in pilot NPS/feedback cycles.
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Validation Checklist

# ASSUMPTION CATEGORY USED IN VALIDATE WITH PRIORITY

1 SAP/Ecom/CRM/BI have stable APIs/data extract
Systems &

Tech
1–7, 12 Pilot data extraction test Critical

2
Persistent unique customer identifier across core

platforms

Systems &

Tech
2, 3, 5–7 Record match sample Critical

3 Service inquiry logs are accessible and categorized
Systems &

Tech
3, 4, 6 Ticket log audit Critical

4
Loyalty, campaign, and digital engagement data

accessible in BI

Systems &

Tech
5–8, 10 Dashboard build pilot Important

5 SAP module version supports pilot-level tool integration
Systems &

Tech
5–7, 12 IT module review Important

6 ≥35% repeat digital service volume is automatable Operational 2–4, 6 Pareto/root cause audit Critical

7 Manual data aggregation ≥6–10 FTE hrs/wk per analyst Operational
1, 2, 5, 7,

9
Team time/capacity survey Important

8 Sufficient federated team resources for pilot phase Operational 3–5, 7 Resource schedule review Important

9 Data privacy policy permits pilot data flows Operational 5–7, 12 Legal/Compliance sign-off Critical

10
BI/analytics can be configured for journey KPIs with

current tools
Operational 7, 10

Sample journey/KPI

dashboard

Nice-to-

have

11
€1.2M–€1.9M annual digital friction cost base is

directionally valid
Financial 1, 2, 9 Time study, finance review Critical

12 €60–€75/hr fully loaded cost for digital/CX staff Financial 1, 2, 9 HR/payroll check Important

13
8–12% automatable volume, 5–7% touchpoint reduction

pilot
Financial 2, 3, 6, 9 Pilot actuals, analytics Critical

14 Pilot initiatives cost ≤€25K/each, €35K/total for 90 days Financial 3–7, 9, 12
Vendor quote, internal

costing
Important

15
Engagement, loyalty, and revenue impact projection is

realistic
Financial 1, 2, 9 Pilot ROI tracking Critical

16 Peer DTC operators are investing in similar capabilities Market 1, 2, 10 Ongoing industry scan
Nice-to-

have

17 DTC market and regulatory climate will not disrupt pilots Market 6, 7
Legal scan, policy

monitoring
Important

18 Automated journeys do not harm NPS/loyalty Market 2, 3, 6, 10 Pilot CX/NPS tracking Important

Bold = Critical — validate immediately in Weeks 1-2.

What If We Are Wrong? (Top 5 Critical Assumptions)

1. API/Data Extract Feasibility (Assumption #1)

If not true: Pilots must add interface/engineering sprint before starting automation or unified data projects. Cost and

speed both degrade.

Discovery: Immediate on pilot setup—if extraction fails or returns inconsistent data.

Fallback: Run smaller pilot on golden-source data only; dedicate initial weeks to interface upgrade or workaround.

2. Persistent Unique Identifier (Assumption #2)
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If not true: “Unified journey” automation and analytics initiatives cannot run multi-system pilots.

Discovery: Customer record join fails, or identity match rates are low.

Fallback: Focus first pilot on single-system (e.g., ecom or CRM) journey orchestration; parallel effort for customer ID

harmonization project.

3. Automatable Inquiry Proportion (Assumption #6)

If <35%: Automation pilot delivers less ROI; focus pivots to data quality/process instead of pure digital service

automation.

Discovery: Pareto bar shows too much volume in non-automatable “exception” types.

Fallback: Targeted automation (single journey point), behavioral nudge pilots, or redirect project to analytics-centered

uplift.

4. Digital Friction Cost Base (Assumption #11)

If <€1M: Board-level financial case weaker, scale-up subject to stricter scrutiny.

Discovery: Bottom-up finance/time-tracking study reveals lower time/cost pools.

Fallback: Sharpen pilots around productivity/capacity release, not labor arbitrage. Scale only projects that free up

redeployable time for innovation.

5. Pilot Impact/Volume Reduction Estimates (Assumption #13 & #15)

If pilots move <8% of volume or deliver below expected journey engagement:

Discovery: Analytics dashboards in pilot phase reveal hard numbers.

Fallback: Re-prioritize journey orchestration to priority process (returns or loyalty); integrate process learning into next

cycle investment case.

The Meta-Point

A study that hides its assumptions looks confident but breaks on contact with reality. A study that surfaces them gives

you the map to validate before you invest. The 14-Day Action Sheet (Chapter 4) includes baseline data extraction

specifically designed to validate the Critical assumptions above; treat those first two weeks as a laboratory for de-risking

before capital or scale-up approval.
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12. adidas — Tools, Architecture & Next Steps

For adidas’s Senior Manager of Digital Customer Journeys and team, this final chapter operationalizes everything from the

90-Day Roadmap and 3 Strategic Priorities with a rigorously curated tool stack, governance model, practical reference

architecture, and an unambiguous checklist for immediate action. It directly addresses the real bottlenecks highlighted

throughout this study: fragmented customer data, manual reporting/reconciliation, and the need for scalable, DTC-centric

automation integrated with SAP, e-commerce, and CRM systems.

This chapter is designed to ensure adidas’s digital innovation and CX teams move from strategy to results—minimizing

vendor sprawl and integration risk, controlling costs, and anchoring every implementation in journey-level KPIs for digital

adoption, engagement, and conversion uplift.

12.1 First-Cycle Tool Stack for adidas DTC Priorities

Begin with this minimal, discipline-enforced stack. All tools were referenced in priority deep dives (Chapters 5-7) and

validated for SAP/CRM e-commerce context. Tool proliferation is the #1 reason enterprise AI initiatives fail—do not expand

until these are piloted and measured.

TOOL NAME WHY THIS ONE (SUMMARY) MONTHLY COST* PRIORITY SUPPORTED

Zeotap (CDP)

Unified, enterprise-level customer data platform with SAP/CRM

connectors; proven for e-commerce identity resolution and activation.

Recommended over Segment due to GDPR, SAP data-layer

compatibility, and deep event streaming capabilities.

€8,000–€13,000

(pilot-scale, validate

with vendor)

Priority 1: Unified

Customer Data

Activation

Ada (AI Service

Automation)

Pre-trained AI for ticket deflection and customer service orchestration;

directly integrates with Zendesk, Salesforce, and via middleware with

adidas’s SAP/CRM environment. Picked over Zendesk AI for deeper

flexible orchestration and lower global support latency.

€5,800–€9,500

(pilot-scale)

Priority 2: Service

Journey Automation

Tableau/Power BI

(BI Overlay)

Existing analytics tools already in use—deploy journey-specific

dashboards with API hooks to e-commerce and CRM data. No new

cost. Recommended over Looker due to existing adoption and SAP

connectors.

€0–€2,000

(incremental,

existing license likely

covers)

Priority 3: Automated

Journey Analytics

Microsoft Power

Automate

For RPA-style automation of basic reporting, campaign file pushes, and

service macro execution; highly compatible with adidas’s

Office/Excel/SharePoint stack.

€1,000–€1,800

Cross-cutting:

Automatable cycle

compression (esp.

quick wins)

* Monthly cost ranges are conservative pilot-phase estimates for enterprise plans. Validate with vendor for adidas’s

licensing tier and region before budgeting. Large-scale rollouts will increase costs proportionally.

Start here. Add nothing else until these are validated. Resist pilot tool sprawl—control is lost when every squad picks a

new vendor.

12.2 Complete Tool Directory — adidas DTC AI Reference

This table consolidates every tool mentioned throughout the study, including both first-cycle and scale-phase candidates.

All are mapped to a strategic priority, effort level, phase, and origin chapter. This is a reference—not a catalog or blanket

endorsement. Prioritize “First cycle” entries first. If a tool is not on this list, do not pilot it in the next 12 months.
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TOOL NAME CATEGORY/PRIORITY
TYPICAL

MONTHLY COST*

FREE

TIER

IMPLEMENTATION

DIFFICULTY

CHAPTER

RECOMMENDED
PHASE

Zeotap (CDP) Priority 1 €8,000–€13,000 No Medium Ch7
First

cycle

Ada Priority 2 €5,800–€9,500 No Medium Ch6
First

cycle

Tableau/Power BI Priority 3 €0–€2,000 Yes Easy (existing) Ch7
First

cycle

Microsoft Power

Automate
Cross-cutting €1,000–€1,800 Yes Easy Ch8

First

cycle

Treasure Data (CDP) Priority 1 (alt) €7,000–€12,000 No Medium Ch7
Scale

phase

Salesforce Einstein
Priority 2

(extensible)
€12,000–€18,000 No High Ch6

Scale

phase

SAP Data

Intelligence
Priority 1/3 €6,500–€10,000 No Medium/High Ch7

Scale

phase

Zendesk AI Priority 2 (alt) €5,000–€10,000 No Medium Ch6
Scale

phase

Segment (Twilio) Priority 1 (alt) €6,800–€13,500 No Medium/High Ch7
Scale

phase

Alteryx Cross-cutting BI €4,000–€9,000 No Medium Ch7
Scale

phase

Google Looker Priority 3 (alt) €0–€2,500 Yes Easy Ch7
Scale

phase

IBM Watson

Assistant
Priority 2 (alt) €7,000–€15,000 No Medium Ch6

Scale

phase

Qlik Sense Priority 3 (alt) €0–€2,000 Yes Medium Ch7
Scale

phase

Talend Data Fabric Cross-cutting ETL €5,000–€12,000 No High Ch8
Scale

phase

Snowflake Priority 1/Analytics €8,000–€15,000 Yes High Ch7
Scale

phase

Validate with vendors for adidas’s contract tier and regional pricing.

Source: internal analysis based on adidas DTC architecture and chapters 5–8.

12.3 Reference Architecture & Data Governance Model

A direct answer to adidas’s persistent friction: this is the minimum viable data architecture and stewardship discipline for

DTC AI journey orchestration. AI overlays sit on—never replace—your existing SAP/e-commerce/CRM systems.
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SYSTEM LAYER COMPONENTS DATA FLOW DIRECTION
AI OVERLAY

FUNCTIONALITY
OUTPUTS/ACTIONS

Data Sources

SAP (ERP), e-commerce (Shop),

CRM, Loyalty, Custom

Spreadsheets

Extract (API/Batch) →
CDP (Zeotap/Treasure

Data), Power Automate

Unified IDs, behavioral

events, orders

Data

Modeling/ETL

BI Platform (Tableau/Power BI),

ETL layer

Transform/Join/Standardize

→

Data ops: schema

harmonization,

deduplication

Cleaned datasets for

journey analytics

AI

Orchestration

AI Service Platform (Ada,

Salesforce Einstein)
Analyze/Infer/Trigger →

Service automation,

journey scoring

Automated replies,

personalized offers

Output Layer
Web/App, Customer Service

Portal, Marketing Automation
Act/Writeback

Orchestrated journey

updates, dashboards

Journey visualization,

NBO delivery

Figure 1: adidas DTC digital reference architecture. AI tools are overlays, not core system replacements.

RACI Table: Data Governance for DTC AI

ROLE
DATA SCHEMA

OWNERSHIP

DATA

VALIDATION

EXCEPTION

ESCALATION

ACCESS

GOVERNANCE

AUDIT

TRAIL

DATA RETENTION

POLICY

Digital Customer Exp.

Lead
X X

Data & Analytics Lead X X X X X

Platform/Integration

Lead
X X X

IT Security X X X

Assign explicit responsibilities—do not own data “by committee.”

12.4 Implementation Priority Matrix

Below: Impact vs. Effort on all recommended tools, highlighting why the First-Cycle Stack is prioritized for adidas’s 90-day

pilot.

Figure 2: Tool implementation matrix — high impact/low-medium effort tools are prioritized for adidas DTC pilot.
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12.5 adidas DTC Getting Started Checklist

A 10-item, board-ready checklist to move adidas’s DTC digital AI pilots from concept to execution. Designed for your

Innovation/Pilot Team to own.

STEP ACTION OWNER

1 Finalize pilot owner (likely Digital Customer Experience Lead) Head of Digital CX

2 Run unified ID extraction from SAP/CRM/e-comm, confirm API/flat file feasibility Data & Analytics Lead

3 Complete Pareto analysis of top 10 service inquiry types (see Ch4 action sheet) Service Ops Analyst

4 Standardize data taxonomy for customer IDs, engagement, loyalty, and consent BI Team + Data Steward

5 Rapid vendor due diligence using First-Cycle Stack matrix (this chapter) Pilot Team, Procurement

6 Negotiate pilot contracts (2–3 tools only, capped budget) Digital CX and Procurement

7 Develop minimal journey analytics dashboard (Tableau/Power BI) on extracted data BI/Analytics Team

8 Set up pilot governance cadence: weekly KPI reviews, kill/scale gate at Day 30 and 60 Digital CX/Program Manager

9 Assign data governance roles per RACI table above Platform/Integration + Data Lead

10 Set daily recap: “What did we automate/accelerate today?”—shared in pilot Slack/Teams Pilot Project Manager

Tool Metrics:

Zeotap: % increase in unified IDs matched (baseline vs. Day 30)

Ada: % of service tickets auto-resolved (pilot vs. control)

Tableau/Power BI: Reduction in manual report prep time, campaign insight latency

Power Automate: Number of automated process cycles/week

12.6 Learning Resources for adidas DTC AI Teams

Free/Low-Cost Industry Courses:

Coursera: AI in Retail and Consumer Products (relevant for CX, loyalty, and e-commerce teams)

Microsoft Learn: Power BI & Power Automate for Enterprise

Google: Digital Analytics Fundamentals

Communities:

RetailWire BrainTrust — retail executives, DTC digital innovation

LinkedIn Group: Digital Customer Experience (DCX) Leaders

DataTau Slack Community — analytics practitioners, practical Q&A

Newsletters/Blogs:

CB Insights Retail Newsletter

Medium: DTC Newsletter — Digital Commerce

Forrester: Customer Experience Blog

Books:

"The Effortless Experience" (Dixon, Toman, DeLisi) — practical approach to automating service journeys, directly

relevant to adidas’s pain points.

"Hacking Growth" (Ellis & Brown) — quantified case studies on improving digital adoption and retention.
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12.7 When to Get Help

Engage an AI Solution Partner If:

Integration with SAP/CRM/e-commerce platforms is not technically feasible in-house (e.g., no working API, major

schema logic conflict)

Early pilots do not improve digital adoption or ticket resolution rates within 30–60 days (<10% uplift vs. baseline)

Vendor contracts or security reviews exceed your team’s legal/infosec bandwidth or expertise

Evaluation Criteria for Vendors:

Ask for direct SAP, e-commerce, or CRM integration proofs (not slideware)

Request named DTC retail clients (ideally at enterprise scale)

Insist on time-boxed, ROI-tied pilot SOWs (cost/metric gate, not open-ended)

Benchmark pilot costs: €15–€35K for a fully run, 90-day pilot — do not approve larger spend without C-level signoff

Red Flags:

Vendor cannot demo core integration in your actual data environment ("sandbox" only = high risk)

Tool mandates new core system deployment (vs. overlay)

ROI claims not directly mapped to journey metrics (digital adoption, service latency, conversion)

Vague “AI discovery” workstreams without precise deliverables, capped timeline, or gate/kill criteria

12.8 Final Recommendations for adidas DTC Digital Execution

The #1 Thing to Do TOMORROW:

Nominate the pilot owner and schedule a data extraction call between digital CX, BI, and platform leads. If this bottleneck

stalls, the roadmap will slip before Week 1.

The #1 Thing to Do THIS MONTH:

Contract and stand up Zeotap (or similar CDP) and Ada (service automation) pilot overlays, covering a contained DTC

journey segment only. Do not attempt broad rollout—prove uplift and integration first.

#1 Metric to Track:

Digital adoption uplift (percentage increase in app-registered, loyalty-linked customers engaging self-service or AI-

automated touchpoints) vs. last quarter baseline.

Cost-of-Inaction Reminder:

Every week without a unified pilot compounds manual reconciliation, digital journey drag, and DTC margin leakage. Delays

allow data sprawl and friction to accumulate—dulling competitive response to digital-native brands. At adidas’s scale,

inaction in digital CX costs at minimum €1.2M–€1.9M/year (see Chapter 1).

12.9 Summary Table: First-Cycle Stack & Impact

PRIORITY TOOL(S) PILOT PHASE COST (90D) PRIMARY KPI GAIN MONTH-TO-VALUE

Unified Customer Data Activation Zeotap €24K–€33K Unified IDs, data quality 1–2 months

Service Journey Automation Ada €18K–€28K Ticket auto-resolution, FCR 1 month

Automated Journey Analytics Tableau/Power BI Negligible (<€5K) Cycle time, journey uplift Immediate

Cycle Automation (Quick Wins support) Power Automate €3K–€5K Report prep savings, FTE <2 weeks

Conservative ROI:

Full-stack annual uplift: €102K–€152K (see Ch9). Time-to-break-even: 5–8 months in pilot zones only.

Olloma — AI transformation playbook • olloma.com



12.10 Next Steps for Board Presentation

Approve pilot tool contracts ONLY in the first-cycle stack

Assign data/ROI reporting lines per RACI table

Initiate executive review of results at Day 30 and Day 60—required for phase-two investment unlock

Maintain a “one tool in, one tool out” discipline: scale only after pilot gates are cleared

This chapter concludes the adidas DTC AI market viability study. The path is ready for immediate, evidence-based

execution, tightly tied to DTC journey KPIs and controlled expansion. Every tool, metric, and governance element is

mapped to minimize risk and maximize digital adoption uplift.
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Disclaimer & Confidentiality Notice

Confidentiality. This report has been prepared exclusively for the individual or organization named on the cover page. Its contents are strictly confidential and may

not be shared, distributed, reproduced, or disclosed to any third party, in whole or in part, without prior written consent from Olloma. Unauthorized distribution is a

violation of the terms under which this report was generated.

Strategic Research Methodology. This report was produced using advanced artificial intelligence that independently researches, gathers data, and synthesizes

insights tailored to your specific context. Our AI systems cross-reference multiple sources and apply structured analytical frameworks to deliver a strategic

blueprint with actionable recommendations. The strategic structure and analytical conclusions stand on their own merit. As with any research-based analysis, we

recommend confirming internal baseline figures — particularly cost assumptions and vendor-specific details — against your own records before final

implementation, as market conditions evolve continuously.

Privacy & Data Protection. Olloma is committed to protecting your privacy. The information you provided during the study request process is handled in

accordance with our Privacy Policy and is used solely for the purpose of generating this report. We do not sell, share, or otherwise disclose your personal or

business data to third parties.

Intellectual Property. The content, structure, design, and methodology of this report are the intellectual property of Olloma. While you retain full rights to use the

insights contained herein for your internal business purposes, the underlying framework and presentation remain proprietary.

Terms of Service. By accessing this report, you acknowledge and agree to the Olloma Terms of Service and Privacy Policy, available at olloma.com.
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